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Abstract 

Exploring the influence of parental schooling background on their child’s educational 

opportunities and social mobility in Mexico provides valuable insights for equitable policy 

interventions. This work examines whether parents’ schooling years and possession of 

completion certificates have an impact on children’s high school and higher education 

enrollment and completion probabilities. The analysis was carried out using data from 2011 and 

2017 ESRU-EMOVI surveys, both cross-sectional cohort data and random and nationally 

representative samples of the Mexican population. I use a probability approach employing Logit 

estimations to exploit the variation from 2011 to 2017 implementing controls such as 

socioeconomic status, child’s sex, and household size.  

The findings of this study highlight the significant positive impact of parents’ education 

background variables on children’s high school and higher education outcomes, with fathers' 

schooling showing a stronger influence in recent years. Moreover, higher socioeconomic levels 

play a crucial role, although its effect on high school enrollment probabilities has decreased in 

2017 compared to 2011. As an extension of the study, I carry out further robustness checks and 

the results remain significant and consistent. Overall, while absolute social mobility is evident, 

the persistence in the relationship between parents' education and children's outcomes. 

underscores the ongoing challenges in achieving educational equity, particularly for individuals 

from lower socioeconomic backgrounds. These results emphasize the need for specific policy 

actions to foster relative social mobility in education and support equal schooling opportunities 

in Mexico. 

 

Keywords: social mobility, parental schooling background, high school and higher education 

enrollment and completion, Logit estimations, educational policy, Mexico. 
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Chapter 1  
 

Introduction 
 

Social mobility in Mexico is limited and varies significantly across different social groups. The 

extent to which inequality is passed down from one generation to the next, known as 

intergenerational persistence of inequality, is 0.62. Moreover, there is a notable high persistence 

of inequality both at the lower and higher ends of the socioeconomic spectrum, with close to 50 

percent of individuals remaining in the same economic position as their parents. In other words, 

economic opportunities and advantages are not evenly distributed, leading to a lack of upward 

mobility for many individuals and families in the country (Delajara et al., 2020). The study of 

social mobility integers at least the following four dimensions: economic, education, health, and 

occupation. Latest research has denoted the importance of education and the role it plays in 

shaping societies and determining individual opportunities for social mobility (Chetty et al., 

2014). 

Understanding the impact of education on social mobility is of great importance due to 

the persistent inequalities that have been maintained over time. The evidence provided for the 

Mexican context reveals that, on average, individuals have completed 9.2 years of schooling 

(not considering kindergarten), which is equivalent to the third year of secundaria. (Behrman & 

Grajales, 2015). Additionally, INEGI (s.f.) denotes some regional disparities. This is because 

Mexico City has the highest schooling level with almost 12 years and on the other side is 

Chiapas with almost 8 schooling years. These findings underscore the situation concerning 

educational attainment across the Mexican population. Lower rates of schooling completion 

indicate potential barriers to accessing education. 

Departing from the idea that social mobility in education is being hindered by 

socioeconomic and family factors (Cabrera, 2016; Chetty et al., 2023), this research aims to look 

into variables that affect the probabilities of accessing and completing schooling levels. The 

objective of this is to shed light on the factors that contribute to educational disparities and their 

consequences for social mobility in Mexico. By examining families’ schooling context from 

two national representative samples, I seek to answer how much impact does parents’ schooling 

background and their economic position have on enrollment and completion probabilities for 
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high school and higher education. I focus on these two educational levels because they are the 

ones with lower rates of completion, as noted above 

Based on existing research and empirical evidence, I expect to find that, even when 

inequalities in education persist, there may be an increase in the rate of admission to both 

schooling levels due to the expansion of available educational opportunities, which represents 

higher absolute mobility. However, the important about this is the comparison between high 

school and higher education enrollment and completion rates. This is because understanding the 

dynamics of educational access and achievement between these two levels is essential for 

formulating effective educational policies and interventions that address the specific challenges 

each level presents. The proposed hypothesis states that relative social mobility in education 

keeps being lower and systematic barriers are maintained from 2011 to 2017, especially on 

completion probabilities. This relates to the findings from Monroy-Gómez-Franco & Corak, 

(2020) and Solís (2018).  

To shed light on the issue, I compare schooling data obtained from the 2011 and 2017 

ESRU Survey on Social Mobility in Mexico and calculate the relationship of parents’ schooling 

years and they obtaining a high school or high education completion certificate on their 

children’s enrollment and completion probabilities from both schooling levels. I also use the 

socioeconomic position of the child’s family, the child’s sex, and the family’s household size. 

Once I considered all these factors, I compare the marginal effects variation from 2011 year to 

2017 to estimate absolute and relative social mobility in terms of education.  

The reason I focus on high school and high education is because previous research about 

this has shown that, at the end of the last decade, there is a minimum increase in enrollment rate 

in high school; unfortunately, problems of school dropout and low educational achievement 

persist (Miranda López, 2018; Ruiz, 2014). Ramírez Raymundo et al. (2015) found that, 

analyzing schooling trajectory for the 1999-2010 cohort, out of all the students who enrolled in 

high school, only 60.6% completed it. This indicates that 40% of those who initially entered the 

program did not finish their studies. The dropout rate is especially high between the first and 

second year of this schooling level; this means that out of 100 students who started in the first 

grade, only 78 made it to the second grade. Thus, understanding the issue of high school dropout 

is crucial in the context of Mexico. OECD (2012) described that school failure and dropout have 

significant economic and social consequences. 



 3 

Additionally, I decided to use parents' possession of a graduate certificate as a second 

explanatory variable because according to Cunha & Heckman (2007), noncognitive abilities 

such as perseverance, motivation, time preference, and risk aversion have direct effects on 

schooling. These abilities can fill most of the gaps in college attendance and dropout, but they 

are determined by early family factors. Therefore, the importance of this comes from the skills’ 

formation throughout the completion of schooling years; the impact of enrolling and dropping 

out or getting a certificate by means other than studying is less, as is the transfer of abilities to 

daughters and sons (Cameron & Heckman, 1991) 

The results suggest the positive and significant impact of parents' education and 

possession of a graduate certificate on the probability of high school enrollment. Notably, 

fathers' schooling years had a stronger influence in 2017, relative to 2011, keeping the SES 

constant. On the other hand, mothers' schooling years showed the opposite trend. Additionally, 

the study underscored the importance of socioeconomic status (SES) in influencing enrollment 

probabilities. The probability of enrolling in HEI was higher for people with more money and 

status, but this effect was less strong in 2017 than before. This means that people from poorer 

backgrounds had a slightly better chance of getting into college, which shows a small increase 

in social mobility. However, there was still a big gap between the rich and the poor in terms of 

educational opportunities, which shows that there are still many problems and obstacles that 

prevent everyone from having equal access to education. 

This study also examined how parents’ education and certification affected the chances 

of enrolling and completing higher education institutions (HEI). All things considered, the 

results of these estimations show that a parent’s educational background is important for HEI 

enrollment and completion, even more, if your father has a graduation certificate of this level 

because the human capital and non-cognitive skills transmission is higher. However, I highlight 

the cautious interpretation due to different unit measurements for each variable. Socioeconomic 

status also mattered, with more obstacles for the middle SES group than the lower and higher 

ones.  

Finally, comparing the results from high school and HEI enrollment and completion 

outcomes, the analysis underscored the significant influence of a parent's education background, 

especially if they possessed a graduate certificate, on both probabilities. Nonetheless, the impact 

suggested an increase in social mobility for HEI compared to high school, but also indicated the 
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enduring impact of socioeconomic factors on educational achievements. Socioeconomic status 

(SES) remained a pertinent factor for both educational levels, exerting a greater effect on high 

school, but its impact diminished concerning HEI completion. 

In summary, the obtained results carry implications for understanding the transmission 

of education across generations and informed policymaking aimed at reducing educational 

disparities. This research seeks to make a substantial contribution to the existing knowledge 

base and offer invaluable insights for policy interventions geared towards mitigating educational 

inequalities and promoting upward mobility opportunities. 

Furthermore, I explored heterogeneous effects within the samples, dividing them into 

lower and higher socioeconomic strata using quintiles. The results revealed consistent positive 

impacts of parents' schooling years and possession of a certificate on high school and higher 

education enrollment and completion probabilities from 2011 to 2017. Noticeably, in the lower 

socioeconomic levels, the effect of a mother's high school certificate increased in 2017, while 

in higher levels, it decreased. Besides, moving from one socioeconomic level to another had a 

more significant impact on enrollment probabilities in the lower strata, whereas higher levels 

showed smaller differences. In terms of absolute social mobility, this suggests an overall 

positive trend of upward educational mobility within the population. Regarding relative social 

mobility, this highlights the persistent differences in mobility chances between different 

economic groups. 

In addition, I extend the analysis by conducting a robustness check with regional fixed 

effects. The results show consistent patterns for parents' schooling years, possession of a 

certificate, and SES, with positive impact and statistical significance on high school and higher 

education enrollment probabilities. Regional disparities are evident, with most regions showing 

a negative effect compared to the Center region. Notably, regional effects shift from negative to 

positive, particularly in the North-Center and South regions, suggesting potential advantages for 

completing higher education in these areas. Overall, these findings enrich our understanding of 

educational inequalities influenced by geography and align with existing studies on Mexico's 

regionalization (Delajara & Graña, 2017; Monroy-Gómez-Franco & Corak, 2020; Torche, 

2019). 

Several works analyzing social mobility in education in Mexico by different approaches 

are Delajara & Graña (2017), Monroy-Gómez-Franco & Corak, (2020), and Torche (2019, 
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2020). I differentiate from these by using schooling context variables to estimate enrollment and 

completion probabilities of two education levels in Mexico, it is one of a few studies analyzing 

this link with a probability approach. Some papers try to estimate social mobility in education 

by a rank-rank approach  (Delajara et al., 2020). (Behrman & Grajales, 2015) conducted a study 

to analyze intergenerational mobility patterns for schooling, occupation, and household wealth 

where their empirical strategy was estimating parents’ outcomes on grandparents’ outcomes 

such as completed grades of schooling.  

This research is structured as follows. The next section reviews the existing literature on 

the subject. Section 3 describes the data used here and provide some graphic visualization of 

Mexico’s educational context. Section 4 details the methodology employed in the work. Section 

5 shows the main results obtained, and section 6 discusses robustness checks and heterogeneous 

effects. Finally, I present my conclusions.  
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Chapter 2  
 

Literature Review 
 

The study of social mobility and education has had a gradually exponential development during 

the last years, especially when we refer to the Mexican context. That is why this literature review 

will be constituted of three main parts. In the first one, I will seek to lay the foundations of social 

mobility, specifically on how to measure it. In the second one, I will approach the study of 

intergenerational transmission of human capital, focusing on educational conditions and how 

the evidence until now tries to explain the importance of it. And the last one will unite both 

streams of analysis and will aim to centralize it to the Mexican context. 

Social mobility has been a subject of great interest in sociology and other social disciplines since 

it analyzes the factors that intervene for a person or a group to improve their social position 

(Corak, 2016; Esping-Andersen & Cimentada, 2018). The understanding of this is crucial to 

analyze inequality and social justice, as well as to inform public policies aimed at reducing the 

gap between different social positions (Serrano Espinosa & Torche, 2010). In this literature 

review section, some of the key studies on social mobility will be exposed and I will discuss the 

main theories and approaches used in this work.  

 The concept of social mobility can be defined as shifts or changes that occur in the SES 

of individuals within a society (Chetty et al., 2014; Corak, 2016; Vélez Grajales, Campos 

Vázquez, et al., 2015). In order to achieve high levels of social mobility, it is essential to ensure 

that everyone competes on a level playing field, with equal access to opportunities and 

resources. In Vélez Grajales et al. (2015) authors explore and analyze the different aspects or 

dimensions that contribute to this phenomenon. Based on the evidence of recent studies, there 

exists an important link between social mobility and topics like poverty, socioeconomic 

inequality, and growth (Chetty et al., 2014; Corak, 2016; Paterson & Iannelli, 2008; Vélez 

Grajales, Campos Vázquez, et al., 2015).  

 There exist different ways to approach social mobility. First of all, we have 

intergenerational or intragenerational mobility. The first one refers to the change in someone’s 

position compared to her home of origin. The second one is the shifts that exist in the 

socioeconomic position throughout the life cycle of people (Behrman et al., 2001). Depending 

on which one we want to study, there exist two other kinds of mobility: horizontal —changes 
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of an individual’s position within a specific SES— and vertical —the movement of an individual 

from one social stratum or level to another, either upward (ascending) or downward 

(descending) (Torche, 2005; Vélez Grajales, Campos Vázquez, et al., 2015). Lastly, we can 

identify two types of social mobility. There exists absolute social mobility, which compares an 

individual’s position or achievements concerning their previous generations. On the other hand, 

there is relative social mobility, and it examines how likely it is for someone from a particular 

social background to move to a higher or lower position in the social hierarchy compared to 

others in her generation (Erikson & Goldthorpe, 2008). 

Now, the maximally maintained inequality (MMI) theory is employed in the research 

framework of this study to propose the potential impacts of education in situations where there 

are large disparities in social status and economic opportunities (Raftery & Hout, 1993). This 

principle suggests that individuals from the most privileged socioeconomic groups are more 

likely to benefit from educational opportunities. As a result, there will still be significant 

differences in entry rates between SES, with those in more advantaged positions having greater 

access to education. These inequalities will probably continue until the income rate of the most 

privileged individuals reaches a point where it can no longer increase any further (Cabrera, 

2016). 

In addition to MMI, the effective maintained inequality (EMI) theory questions the 

validity of the educational transitions approach and suggests that there are significant social 

background effects even for transitions that are nearly universal (Lucas, 2001). In other words, 

this implies that even if more students from diverse socioeconomic backgrounds are granted 

access to higher education, social inequalities can persist due to differences in the quality of 

education and opportunities available to them, which can be influenced by factors such as 

socioeconomic status and institutional biases (Cabrera, 2016; Lucas, 2001). An example related 

to this work is that if the probabilities of accessing to HEI depend less on the education of the 

parents then it represents a higher absolute mobility. If parents' education has a greater influence 

on completing some education level, this implies reduced relative mobility because the human 

capital transmission is stronger but with low levels of schooling. Thus, if we compared respect 

to their SES position, there are fewer prospects for its successful completion compared to those 

from higher income backgrounds within the same generation.  
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According to Milanović (2019), the combination of exorbitant education expenses and 

the perceived or actual educational excellence offered by prestigious schools serves two 

purposes. Firstly, it creates an insurmountable barrier for others to compete with the affluent 

individuals who control exclusive education. Secondly, it effectively communicates that 

individuals who have attended these schools not only hail from privileged backgrounds but also 

possess superior intellectual abilities. 

Several studies have shown evidence that family is the main transmitter of culture, 

values, and principles in the life of a child (Corak, 2016; Esping-Andersen & Cimentada, 2018; 

Paterson & Iannelli, 2008). As far as we know, family is one of the oldest institutions in our 

society, and social mobility finds its roots in the analysis of people’s context of origin. What is 

important to highlight from this is that, according to Esping-Andersen & Cimentada (2018), 

considering the child’s family environment, there could exist a possibility that skill 

combinations can modify the mobility of a person. But this set of skills is also developed under 

certain circumstances that could explain why the son, or the daughter, makes certain decisions 

in life. 

  Following the argument by Erikson & Goldthorpe (1992), social mobility within 

developing class structures of modern industrial societies could be a “constant flux” as they 

named it. This means that, according to their evidence, there exists a persistence of low 

intergenerational class mobility. In other words, people tend to remain in the same social class 

as their parents, even when there have been changes in the economy and society over time. This 

kind of analysis we can also find it in Chetty et al. (2014). In this paper, the authors study the 

link between parents’ income and the socioeconomic level of their children to describe how 

people move among the generation distribution. What they find is that there exists a relationship 

between parents’ income and the future of their sons or daughters. Specifically, they showed 

that a 10% increase in parents’ earnings is associated with a rise of 3.4% in children’s future 

income.  

Moreover, education is one of the dimensions that are part of social mobility, and its 

importance has been widely recognized in the academic literature (Blanden, 2020; Cabrera, 

2016; Gu et al., 2022; Hanushek & Woessmann, 2020; Patrinos & Psacharopoulos, 2020; 

Psacharopoulos, 1972).  The main argument about education and its effect on social mobility is 

the intergenerational transmission of human capital. This refers to the process by which parents 
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transmit their resources and characteristics to their children, including the educational level 

attained (Black et al., 2005).  

 Numerous studies have shown that the education of parents is a key factor in determining 

the educational level of their children and that the educational level of parents can have a 

significant impact on the social mobility of their children (Black et al., 2005; Doruk et al., 2022; 

Torche, 2011; Torche & Costa Ribeiro, 2010). In this sense, education is not only important for 

the development of specific skills and knowledge but also to acquire a higher social position 

than that of parents. In the research carried out by Chetty et al. (2020), the authors gathered data 

on parental income and earnings outcomes for college students in the United States. The purpose 

of this was to examine how the socioeconomic position of parents might affect the quality of 

their children's college education. The results revealed significant university segregation due to 

the self-selection of the students according to their family background. 

 Some of the findings for countries like China, Norway, England, Wales, and Scotland 

highlight the roles that educational attainment plays in the intergenerational mobility process 

and how it can be a vehicle to improve social mobility (Black et al., 2005; Gu et al., 2022; 

Paterson & Iannelli, 2008). Their discoveries show two positions, first that the relationship is 

mainly shaped by family attributes and inherent abilities rather than educational spillages, while 

the second is that estimations revealed a positive correlation between parental education and 

their children's university enrollment. Resolutions highlight the substantial expansion of non-

manual employment, which initially facilitated upward mobility but has lately contributed to 

downward social mobility from middle-class backgrounds. 

Certain studies that seek to carry out this type of research have focused their analysis on 

North America and Latin America (Behrman et al., 2001; Cabrera, 2016; Chetty et al., 2014; 

Corak, 2013; Doruk et al., 2022; Torche, 2011; Torche & Costa Ribeiro, 2010). These works 

present a comprehensive overview of intergenerational mobility, revealing a range of findings. 

Higher parent income is shown to positively correlate with increased child income, while 

various factors like reduced residential segregation, lower income inequality, better primary 

schools, stronger social capital, and family stability contribute to upward mobility. Disparities 

in intergenerational mobility between the United States and other countries are explored, 

particularly about growing inequality.  
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The context of Brazil uncovers declining economic returns to education and a 

diminishing influence of class origins on the class destination, influencing mobility dynamics 

across different national contexts. The relationship between educational attainment and 

intergenerational association follows a U-shaped pattern, with a strong connection among those 

with low education, a weakened or absent association among bachelor's degree holders, and a 

resurgence among individuals with advanced degrees. Finally, policy implications for reducing 

income inequality and fostering economic growth are emphasized in the examination of 

intergenerational income mobility in Brazil and Panama because of their socioeconomic 

environment. 

Furthermore, there is research that emphasizes the measurement of relative social 

mobility. For example, in Cabrera (2016) the author focuses on the relationship between the 

socioeconomic status of young people in Chile and their admission to different types of higher 

education institutions (HEI). The objective is to analyze whether there are inequalities in the 

probabilities of access to the most prestigious institutions that are effectively maintained over 

time. This is important research for this work because it provides the necessary foundations to 

understand and develop the empirical strategy used here. Compared to this, Behrman & 

Grajales, (2015) found that for Mexico intergenerational relative schooling mobility consistently 

increased over time for all population subgroups.  

 Summarizing, the evidence presented until now suggests that education is a fundamental 

tool for social mobility, but it can also be a mechanism for the reproduction of inequality. The 

intergenerational transmission of human capital, especially in contexts with high levels of 

inequality such as in Latin America, has a significant impact on individuals’ educational and 

employment opportunities.  

The importance of understanding the patterns of social mobility in the Mexican context 

lies in the persistence of social and economic inequality, as well as in the search for public 

policies that promote equal opportunities and reduce the gap between the different social strata 

(Serrano Espinosa et al., 2008; Solís, 2018). Through the review of the specialized literature, it 

is possible to identify the trends and patterns of the multidimensionality of social mobility in 

Mexico, as well as their causes and consequences (Behrman & Grajales, 2015; Campos-

Vázquez et al., 2012; Delajara et al., 2020; Delajara & Graña, 2017; Torche, 2019, 2020; Vélez 

Grajales, Campos Vázquez, et al., 2015).   
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 Torche (2020) analyzed to what extent the intergenerational socioeconomic link is 

influenced by education and how much it occurs through non-educational channels. Considering 

the significant gender and regional stratification, separate analyses were performed for Mexican 

men and women, as well as for different regions of the country. This study found that among 

Mexican men, the intergenerational economic association increases across cohorts from those 

born between the 1950s to those born in the early 1970s, to then decline among younger cohorts. 

However, in the case of women, the increase in the intergenerational socioeconomic association 

across cohorts was due to a combination of growing socioeconomic returns to schooling and 

growing intergenerational association net of education, signaling declining mobility. On a 

positive note, the study found that across cohorts, individuals are increasingly able to attain 

more education regardless of their social origins (Torche, 2020). 

 Finally, in Delajara & Graña (2017) the authors conducted studies using rank-rank 

regressions to determine the extent of relative and absolute upward social mobility, which 

provided evidence of a negative association between low social mobility and inequality. They 

used survey data from 2011 and found a clear north-south gradient, where children of poor 

parents had greater upward mobility as they moved away from the south, the country's poorest 

region. This result is also provided by other similar analyses which reaffirm that there is an 

inequality of mobility in Mexico (Delajara et al., 2020; Delajara & Graña, 2017; Monroy-

Gómez-Franco & Corak, 2020; Torche, 2019). 

 Comparing these findings with the international ones it is clear that education is a key 

factor in intergenerational mobility. Formal studies highlight the relationship between parental 

education and children's educational attainment, indicating that family attributes and inherent 

abilities influence this connection. Additionally, some results show a positive correlation 

between parental education and children's university enrollment, underscoring the importance 

of education in facilitating upward mobility.  Factors such as reduced residential segregation, 

lower income inequality, and social capital are identified as contributing to upward mobility in 

both non-Mexican countries and Mexico. These common findings emphasize the significance 

of creating an environment that supports equal opportunities and reduces barriers to mobility. 

Last, similar dynamics between Brazil and Mexico suggest that both countries face common 

challenges and opportunities to promote intergenerational mobility. Therefore, the policy 

implications in countries such as Brazil, Panama, and Mexico are focused on reducing income 
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inequality and fostering economic growth, which highlights the importance of implementing 

measures that address disparities and create a more equitable society.  

This literature review identified several studies that explored the patterns and causes of 

social mobility in Mexico (Behrman & Grajales, 2015; Campos-Vázquez et al., 2012; Delajara 

et al., 2020; Monroy-Gómez-Franco & Corak, 2020; Serrano Espinosa et al., 2008; Solís, 2011, 

2018; Torche, 2019, 2020; Vélez Grajales, Huerta Wong, et al., 2015), reflecting the persistent 

social and economic inequality in the country and the need for policies that promote equal 

opportunities. The following section will discuss the data and methods used in this study to 

estimate relative schooling social mobility in Mexico. 
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Chapter 3   
 
Data 
 
3.1 Database 

To estimate the models and test the hypothesis proposed, I use the information from 2011 and 

2017 ESRU Survey on Social Mobility in Mexico (EMOVI) of the Centro de Estudios Espinosa 

Yglesias (CEEY). Both are cross-sectional cohort data and random and nationally representative 

samples of Mexican men and women between 25 and 64 years of age.1 These surveys are the 

most adequate source for this analysis since they collect detailed information on schooling, labor 

force, adult labor income, assets, and socioeconomic level of the interviewed person, which in 

most cases it was the head of household. It also compiles school information of this person’s 

parents, partner, and children. The 2011 module collected 11,001 interviews and for the 2017 

module, there were a total of 17,665.  

The purpose of this research is to analyze children’s enrollment and completion 

probabilities from high school (preparatoria) and university of controlling by their context of 

education and SES, for both 2011 and 2017. To achieve this, I compute years of schooling based 

on normative Mexican school grades, and household socioeconomic classification was made 

based on their human capital; practical Infrastructure; connectivity and entertainment, and basic 

infrastructure and space. Finally, to avoid bias on estimates due to age because we are studying 

a certain schooling level which is almost at the end of the educational pyramid, it remained the 

information of those cases where children were 12 years or older. Thus, my final samples 

comprise 9,249 individuals for 2011 and 11,805 for the 2017 module. 

 

3.2 Descriptive statistics  

Table 1 contains descriptive statistics for the variable of interest (schooling) and other useful 

information for both survey samples. As ESRU-EMOVI collects data from an interviewed adult 

and also gathers information on the parents and children of these adults, the mention of “parents” 

in this research is referring to the interviewed and her partner, while “children” is about their 

 
1 The first version of this national study on social mobility is from 2006, but for reasons of the 

questionnaire structure, this module had to be left out of this analysis. 
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daughters and sons. Last, “grandparents” are the parents of the interviewed adult. The first panel 

summarizes the 2011 data and the second one is about the 2017 survey.  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

In 2011 mean household size was 4.8 with a maximum of 26 members, while in 2017 

the mean was alike, with 4.6 people, but the maximum reported was 15 members. Now, if we 

pay attention to schooling information there is a valuable perspective of the family context. 

According to this data, we observe an increase in mean years of education from generation to 

generation for both panels. On average, grandparents have 8 to almost 9 schooling years, while 

the next generation, the parents, have 10 to 12 years. Nevertheless, there exists a difference 

between 2011 and 2017 about this because for the second one parents report to have studied at 

least one or two years more compared to 2011. In the case of children, both the first and second 

sections show similar data, with a difference of one year from 2011 to 2017. So, there exists at 

least a jump of a minimum of four years between grandparents and grandchildren, which at first 

glance denotes progress in education.  

Figures 3.1 and 3.2 present a visualization of the average total schooling years reached 

by children in the sample divided by AMAI levels2 (2011 module) and socioeconomic quintiles 

 
2 The “Niveles Socioeconómicos de la Asociación Mexicana de Agencias de Inteligencia de Mercado y 

Opinión AC” (NSE-AMAI) are a measure of socioeconomic status based on a statistical model, that allows 
grouping and classifying Mexican households into seven levels (current version), according to their ability to meet 

Source: EMOVI 2011 and 2017. 

Table 3.1: Descriptive statistics 
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(2017 module). We can appreciate that there is a persistence in the lower SES to have a total 

education between 11 and 12 schooling years. While the upper quintiles have a higher frequency 

reaching an average of 15 years. These graphs offer a perspective of schooling inequality where 

a sector of society is leading with its economic and cultural barriers while others are benefitting 

from their socioeconomic position to improve their education. The importance of this derives 

from the persistence of this inequality for both years, denoting the need to study the factors that 

build educational barriers and offer an approach to possible ways to address them. 

 Figures 3.3 and 3.4 show the comparison of the schooling variable’s distribution between 

father and child for 2011 and 2017, respectively. Similar graphs can be found in Appendix A.1 

but comparing mother-child and father-mother distributions. According to these graphs, it is 

clear that the distribution for schooling years is different from child to parents. First, when we 

compare a child to her father or mother, there are markable differences on the spikes. For 

example, the fathers’ distribution for both years shows that there is a greater composition of 

parents who reach most very low levels of education (i.e., elementary) while their children have 

managed to reach at least one higher level, which means secondary or even high school. As we 

follow those curves it is possible to observe that the majority is located in the intermediate levels 

of education. The previous conclusions from these relationships are valid for 2011 and 2017 

data. The value of these observations is that they motivate this work because they help to  

 
 

 
the needs of their members. The 2011 sample used the former version of this measure and reported six levels, 
instead of seven. 

Figure 3.1 Average schooling years by AMAI level 

Source: Own elaboration. 
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Figure 3.2 Average schooling years by quintiles 

Figure 3.3 Child’s total schooling years compared to father’s, 2011 

Source: Own elaboration. 

Source: Own elaboration. 
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understand in a better way what kind of intergeneration transmission is happening when it comes 

to education. Now, the following chapters will develop the idea using an econometric model to 

test if there exists an influence of the socioeconomic context and educational background on 

children’s academic trajectory.   

Figure 3.4 Child’s total schooling years compared to father’s, 2017 

Source: Own elaboration. 



 18 

Chapter 4  
 

Empirical Strategy 
 

 The objective of this research is to identify how much impact has parental’ schooling 

background on children’s high school and high education enrollment and completion 

probabilities and the dynamic of this relationship in recent years. To achieve this, I use Logit 

regressions with family background controls. These kinds of models are useful for situations in 

which a dichotomous response is available that is thought to be influenced or caused by the 

levels of one or more independent variables and is particularly suitable for this data, just like is 

proposed here. The model would be formed as the following equation: 

 

Pr#𝒀!"# = 1'𝑿!# , 𝑿"#* = 𝐺(𝛽$𝑿$# +	𝛽%𝑿%# +	𝜖!) 

 

Where Pr#𝑌!"# = 1'𝑋!# , 𝑋"#* is the representation of the probability of realization of  𝑌!"# 

per individual i at time t = 2011, 2017 for the education level j = high school, HEI. Depending 

on the case, this will mean if she did or did not enter high school or to some HEI and in the 

second case if she finished it or not. The marginal effects come from the derivative of the 

function 𝐺 concerning 𝑋$# which is a vector of explanatory variables. For the first part of the 

analysis, these are the fathers' and mothers’ schooling years.  

There are some methodological challenges when it comes to the analysis between 

families’ sociocultural and economic capital and the academic achievement of their daughters 

and sons. As some scientists have explored the impact of just parental income on children’s 

outputs, this work interest is based on a multidimensional measure of family background. If we 

analyze income as an explanatory variable, it could bias our estimations due to the temporary 

impact of earnings. As has been reported in previous literature, income long-term effects have 

been reported to be more important with respect to academic trajectories (Carneiro & Heckman, 

2003; Huang et al., 2009; Kane, 2001).  

Sometimes these kinds of studies cannot be done because lack of information but, 

fortunately, in this work the data from EMOVI 2011 and 2017 provide the position of parents 

and children in the socioeconomic distribution that may reflect long-term income. For the first 

(1) 
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module is captured throughout the “AMAI level” and for the 2017 survey quintiles were 

estimated and the households were classified according to their human capital; practical 

infrastructure; connectivity and entertainment and basic infrastructure and space, very similar 

to AMAI classification rules.  

Following the model explanation, if this research is trying to capture and visualize the 

impact of parental educational factors on both child’s enrollment and completion probabilities, 

it is also important to divide between those parents that completed the schooling levels studied 

here and the ones that did not. Children coming from “better” families, for example with parents 

with more schooling, and with high ability can improve their future schooling by developing 

those abilities and skills that are transmitted by their parents (Bueno, 2019; Carneiro & 

Heckman, 2003). 

Thus, given the assumption that the person who has completed studies must have the 

certificate, two sets of regression are being tested with different independent variables. For this 

second part, the explanatory variables are dummies that capture whether the parents have a 

certificate that proves that they have completed the level of studies to be analyzed, which could 

be high school or some HEI. Due to this, the model will fit as follows: 

 

Pr#𝒀!"# = 1'𝑿!"# , 𝑿"#* = 𝐺(𝛽$𝑿$𝒋# +	𝛽%𝑿%# +	𝜖!) 

 

This dummy serves here as an approximation to the study of the impact of parents’ 

educational level completion, since I use the assumption that the person who has completed 

studies must have the certificate. Being 𝑋$𝒋# the vector that includes those dummies. Last, for 

both models, the 𝑋%# vector of regressors includes household context variables used as controls. 

These variables are household size; socioeconomic level (AMAI or quintile) and child’s sex. 

The difference with model 1 is that here the first vector of explanatory variables depends now 

on which schooling level is being tested. So, for the first part of the analysis, Equation 1 can be 

rewritten as: 

 
𝑬𝒏𝒓𝒐𝒍𝒍𝒎𝒆𝒏𝒕!"# = 𝛽$ + 𝛽$𝑺𝒄𝒉𝒐𝒐𝒍𝒊𝒏𝒈𝑭!# +	𝛽%𝑺𝒄𝒉𝒐𝒐𝒍𝒊𝒏𝒈𝑴!#

+	𝛽&𝑯𝒐𝒖𝒔𝒆𝒉𝒐𝒍𝒅𝑺𝒊𝒛𝒆!# + 𝛽'𝑺𝑬𝒍𝒆𝒗𝒆𝒍!# + 𝛽(𝑪𝒉𝒊𝒍𝒅𝑺𝒆𝒙!# + 𝜖! 
 

(3) 

(2) 



 20 

𝑪𝒐𝒎𝒑𝒍𝒆𝒕𝒊𝒐𝒏!"# = 𝛽$ + 𝛽$𝑺𝒄𝒉𝒐𝒐𝒍𝒊𝒏𝒈𝑭!# +	𝛽%𝑺𝒄𝒉𝒐𝒐𝒍𝒊𝒏𝒈𝑴!#

+	𝛽&𝑯𝒐𝒖𝒔𝒆𝒉𝒐𝒍𝒅𝑺𝒊𝒛𝒆!# + 𝛽'𝑺𝑬𝒍𝒆𝒗𝒆𝒍!# + 𝛽(𝑪𝒉𝒊𝒍𝒅𝑺𝒆𝒙!# + 𝜖! 
 

And, for the second part of the analysis, Equation 2 can be rewritten as: 

 
𝑬𝒏𝒓𝒐𝒍𝒍𝒎𝒆𝒏𝒕!"# = 𝛽$ + 𝛽$𝑪𝒆𝒓𝒕𝒊𝒇𝒊𝒄𝒂𝒕𝒆𝑭!"# +	𝛽%𝑪𝒆𝒓𝒕𝒊𝒇𝒊𝒄𝒂𝒕𝒆𝑴!"#

+	𝛽&𝑯𝒐𝒖𝒔𝒆𝒉𝒐𝒍𝒅𝑺𝒊𝒛𝒆!# + 𝛽'𝑺𝑬𝒍𝒆𝒗𝒆𝒍!# + 𝛽(𝑪𝒉𝒊𝒍𝒅𝑺𝒆𝒙!# + 𝜖! 
 

 
𝑪𝒐𝒎𝒑𝒍𝒆𝒕𝒊𝒐𝒏!"# = 𝛽$ + 𝛽$𝑪𝒆𝒓𝒕𝒊𝒇𝒊𝒄𝒂𝒕𝒆𝑭!"# +	𝛽%𝑪𝒆𝒓𝒕𝒊𝒇𝒊𝒄𝒂𝒕𝒆𝑴!"#

+	𝛽&𝑯𝒐𝒖𝒔𝒆𝒉𝒐𝒍𝒅𝑺𝒊𝒛𝒆!# + 𝛽'𝑺𝑬𝒍𝒆𝒗𝒆𝒍!# + 𝛽(𝑪𝒉𝒊𝒍𝒅𝑺𝒆𝒙!# + 𝜖! 
 

In this sense, the empirical strategy implemented is a logit model with four derivations, 

depending on the dependent and independent variables. First, the impact of parents’ years of 

schooling or graduation certificate possession on enrollment or completion of high school or 

HEI is estimated, with and without control vectors. After running logit regressions, marginal 

effects are estimated to provide a clearer interpretation. In the next chapter, I will present these 

results together with a more detailed description of what we can conclude from them. 

 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

(5) 

(6) 

(4) 
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Chapter 5   
 

Results 
 

The results presented here are going to be structured as follows: first, the estimated coefficients 

from the first and second parts of the model for the probability of enrollment and completion 

from high school will be explained. Then, the extension of the same logit model is implemented 

to estimate both parts of the analysis for the same probabilities but for the case of HEI. 

 

5.1 Marginal and impact effects on enrollment to and completion of high school 

Table 5.1 presents the marginal effects on the probability of enrollment to the high school of 

eight Logit estimations for both years, 2011 and 2017. Each column represents a different 

regression; columns 1 to 4 correspond to 2011 and columns 5 to 8 are from 2017. Now, the 

regressions that show marginal effects on high school enrollment probability that include just 

the explanatory variables (parents’ schooling years and possession of certificate) are in columns 

1, 2, 5, and 6. The other ones that control by socioeconomic status, household size, and child's 

sex are in columns 3, 4, 7, and 8. 

Results show that the impact of parents’ education and graduate certificate on this 

probability is positive and statistically significant. The difference among coefficients for 2011 

and 2017 can be observed after controlling for household context. For example, in 2011 the 

model with full controls shows that the impact of the father’s schooling years has a marginal 

effect of 1.2 percent points, while in 2017 the marginal impact is 2 p.p. Though, for the mother’s 

schooling years there is a decrease in the marginal impact from 1.6 p.p. to 0.8 p.p. in 2017.  

Furthermore, if we analyze the coefficients for SES, they reveal that for higher levels the 

enrollment probabilities significantly increase from 5.4 p.p. to 32.7 p.p. in 2011 (with respect to 

parents in the first level). For 2017, the estimations are lower for higher SES levels compared 

to 2011 (having 22.9 p.p. as the maximum), while for level 2 the marginal effect is now 7 p.p.  

These numbers suggest two things. First, the father’s schooling years present a 

significant impact on children’s enrollment probability with and without controls, which means 

that there is an important human capital transmission from parents to daughters and sons and is 

stronger for 2017 than in 2011. This indicates that absolute social mobility is lower because you 
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are more dependent on your father’s schooling background. However, the opposite occurs for 

the mother’s schooling years which shows that for recent years the marginal impact is low and 

denotes that the school attachment by the mother’s side is weaker.  

Finally, the influence on enrollment probability has a clear inclination towards the 

highest SES levels, but in general, for 2017 estimations this impact is lower. This means that 

socioeconomic factors are less relevant than in 2011 but they keep being significant and strong. 

These findings suggest a subtle improvement in relative social mobility, indicating that 

individuals from lower SES backgrounds might have slightly better access to educational 

opportunities compared to before. Despite this progress, the persistence of inequality and 

cultural constraints associated with lower income and ownership continue to hinder substantial 

upward mobility for those at the bottom of the socioeconomic ladder. 

Another main observation is that the impact of the certificate is higher than the one of 

education and this persists even after adding controls, for both 2011 and 2017 estimations.3 

interpreting these numbers as a linear comparison is wrong because of the unit of measure for 

each variable. Assuming linearity, obtaining the certificate increases the probability as much as 

if we increased 10 years of education to the father. The large impact that this variable has can 

be correlated to non-cognitive skills transmission throughout parents, just as it was described 

before (Carneiro & Heckman, 2003; Cunha & Heckman, 2007). 

 Now, conclusions from this can be important to understand schooling and skill 

intergenerational transmission. For this, we need to look at the relationship between SES levels 

and possession of certificate coefficients. As it was expected, controlling by quintiles and AMAI 

strata the estimations for the main independent variable reduce, but they remain significant, also 

the socioeconomic ones. This denotes that this characteristic alters the probability of enrollment 

due to results that show an impact of 9.8 p.p. for fathers and 10.1 p.p. for mothers in 2011, and 

16.9 p.p. and 3.8 p.p. respectively for the 2017 panel. The marginal effect that a certificate has 

could be a signal of the strong influence that parents have on children’s abilities and educational 

achievements. 

 Table 5.2 has the marginal effects on the probability of graduating from high school. Just 

as in the previous results visualization, in this one, the composition of each column is the same  

 
3 Interpreting these numbers as a linear comparison is wrong because of the unit of measure for each 

variable. 
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but now the dependent variable is different. As we can see, again, almost every coefficient is 

statistically significant and with a positive impact on the probability tested. The effect of 

parents’ schooling years is substantially reduced when adding controls to the regressions at 

almost half of their initial coefficient. If we pay attention to comparisons between both years, 

we will have a better notion of social mobility. For example, the estimated schooling and 

certificate impact for 2011 is lower in comparison to 2017, principally when we refer to the 

father’s years. This means that the marginal effects of both variables are strong and significantly 

related to high school completion and also that there is a stronger dependency by the father’s 

side on high school completion but weaker by the mother’s side.  

Comparing the values obtained for enrollment and completion analysis denotes that, 

even though more children are going to study, not everyone is reaching graduation, mainly those 

whose parents have fewer schooling years or incomplete high school. If we look at SES 

coefficients and their relationship with parents’ certificates, the estimations show that from 2011 

to 2017 there is a decrease in SES marginal effects that can be correlated to a slight increase in 

relative social mobility. Though contrasting the marginal effects of socioeconomic variables on 

enrollment probability, the coefficients are higher on completion analysis. This indicates that 

there is a strong relation as the SES is higher, therefore signifies that people with more resources 

have higher probabilities to graduate.  

Altogether, the conclusions about this first part are that there exists absolute social 

mobility, but relative social mobility stills lower because of socioeconomic factors’ high impact, 

mainly when comparing completion probability between years. This finding is very important 

due to its political relevance which denotes that people managing to achieve graduation from 

high school is being benefited by their economic privileges. 

 
5.2 Marginal and impact effects on enrollment to and completion from Higher Education 

Institutes 

Table 5.3 shows the variables’ marginal effects on enrollment and completion probabilities from 

HEI. The results denote that from 2011 to 2017, using control vectors, the father’s schooling 

years increase by 0.8 p.p. and also the fathers’ certificate by 12 p.p. However, in the mother’s 

case, this is different. There is a decrease for both coefficients, but for mother’s certificate is 

reduced by 5.5 p.p. and leaving this variable without statistical significance in 2017. This  
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behavior shows that, even though both parents’ variables have a positive impact on enrollment 

probabilities, fathers keep being the ones with more influence on the child. Now, if we observe 

the SES coefficients there is a slight increase in level two from 2011 to 2017 and now 

estimations are significant. For the other levels, values are almost the same but for the last SES, 

the effect is lower than in 2011. In terms of relative social mobility, this indicates that 

socioeconomic barriers have more impact on middle SES levels compared to the first level, but 

as the strata is higher there is less impact. In other words, a change from level one to level two 

or three than to level five or six is more significant and stronger, which means that there exist 

barriers that persist among individuals from the same generations to enroll in HEI. Thus, these 

results show an important persistence of parents’ education transmission when we talk about 

this educational level. 

Finally, findings about HEI completion are shown in Table 5.4 and they are similar to 

those for enrollment. Fathers’ schooling variables keep their significance and increase from 

2011 to 2017, while mother’s impact is lower. Mother’s certificate variable has a decrease of 

1.1 p.p., and it lost statistical significance, which means that child’s schooling transference is 

stronger coming from the father’s side rather than the mother’s. Last, SES coefficients behave 

in a positive pattern, but the second level obtains significance until 2017. Comparing these 

estimations with enrollment’s denotes that there is a decreasing effect on socioeconomic factors 

due to the lower values for completion probability. In other words, once the student achieved to 

get into some HEI, socioeconomic variables explain to a lesser extent completion of this school 

level. 

When comparing schooling coefficients with high school estimations, it is revealed that 

the impact is higher for high school probability than HEI’s. Although, SES values denote that 

despite its positive marginal effect on both probabilities, there is a stronger effect on high school 

but significant for both school levels. Even that, the marginal effect is higher for levels four and 

five (in comparison to the first level) in HEI 2017 enrollment estimations. This evidence is 

linked to EMI theory due to the persistent relationship between child’s socioeconomic and 

cultural background and their academic achievements. Therefore, controlling by SES and using 

parents’ schooling years and possession of a certificate as dependent variables, from 2011 to 

2017 there exists higher absolute and relative social mobility for HEI than for high school. 
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Chapter 6  

Sensitivity Analysis and Heterogeneous Effects 

In this section, a sensitivity analysis will be carried out and the heterogeneous effects present in 

the study will be explored. The sensitivity analysis will allow evaluating of the robustness of 

the results obtained, implementing fixed effects by geographic region. Likewise, heterogeneous 

effects will be examined to identify possible variations in the results according to socioeconomic 

levels, dividing between the lowest and the highest. This analysis will provide a more complete 

and detailed vision of the findings, allowing us to better understand the different dynamics and 

nuances present in the relationship between education and social mobility in the Mexican 

context. 

 

6.1 Robustness check 

The validity of previous results assumes that a child’s schooling background is formed just by 

parents’ schooling years and that non-cognitive skills transmission is throughout the parent’s 

schooling completion. Though these presumptions appear to be reasonable, in this section I 

substantiate them further controlling by another factor that could be possibly correlated with a 

child’s academic achievement. According to research, there exists evidence of a phenomenon 

called “geography of prosperity” where certain regions and societies are no longer coming 

together in terms of trade and technological advancements, leading to concentrated prosperity 

in some regions while leaving many other places struggling and disadvantaged (Shambaugh & 

Nunn, 2018). This kind of heterogeneous development provides a beneficial context for families 

residing in better cities due to the quality of education for their children (Delajara et al., 2020). 

Studies trying to capture this effect in Mexico have been carried out and interesting 

patterns among regions have been found (Campos-Vázquez et al., 2020; Delajara et al., 2020; 

Delajara & Graña, 2017; Monroy-Gómez-Franco & Corak, 2020). So, to see if the region factor 

changes the estimations, I add regional fixed effects to the econometric model to capture this 

phenomenon. The variable “region” here refers to Mexico’s geographic zone where the state in 

which children’s actual residence is located. The reason for this is that this analysis is focusing 

on children's academic performance throughout enrollment and completion probabilities of two 
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schooling levels. As they are growing up in those states, this is a period of accumulation of 

human capital; therefore, the impact of socioeconomic differences is probably greater. 

For regionalization, this research adopted the one used by the Bank of Mexico (2016). 

In this classification, Mexico’s states are grouped into four regions. North: Tamaulipas, Nuevo 

León, Chihuahua, Coahuila, Sonora, and Baja California. South: Guerrero, Oaxaca, Chiapas, 

Quintana Roo, Yucatán, Campeche, Tabasco, and Veracruz. Central: Morelos, Puebla, Tlaxcala, 

Hidalgo, Guanajuato, Querétaro, State of Mexico and Mexico City. North-Central: Michoacán, 

Colima, Jalisco, Baja California Sur, Nayarit, Aguascalientes, Zacatecas, San Luis Potosí, 

Sinaloa, and Durango.4 

Tables A2.1 and A2.2 in Appendix A2 show the results for high school probabilities. 

The region's omitted variable is the Center region. For enrollment probability we can observe 

that patterns of both parents’ schooling years and possession of certificate did not change, they 

keep their positive impact and statistical significance. It also occurs something similar with SES 

values since they still behave in the same pattern benefiting higher SES levels. Thus, in 

comparison with original estimations, these coefficients are almost the same ones, which 

denotes that previous conclusions remain.  

Last, regions’ coefficients provide a new perspective to this research. We observe that 

every region has a negative impact and with high statistical significance. This makes sense 

because, as was mentioned, the Center region is the omitted variable, and it is taken as the 

baseline. So, for the North and North Center region it is captured a negative effect for those 

children living in the Center. But something interesting happens to the South region where three 

out of four coefficients are positive. Nevertheless, marginal effects are low and not even with 

significance. The same pattern can be found in high school completion probability results. 

Overall, regional fixed effects captured Mexico's centralization of education and life 

opportunities. This is denoted with larger coefficients in 2017 estimations, which represents the 

disadvantages of not living in the Center region.  

On the other hand, Tables A2.3 and A2.4 have the estimations for both HEI probabilities. 

As it is shown, adding regional fixed effects does not change in great magnitudes our original 

estimation for enrollment and completion. However, for completion analysis, the mother’s 

 
4 Using this classification has its benefits as it increases the number of observations available per region, 

which is essential for accurately estimating regressions since the EMOVI is nationally representative.  
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schooling years coefficient in 2011 is lower in 0.2 p.p. SES estimations keep being similar to 

previous ones, but also for completion probability, there is a lower impact of socioeconomic 

status to enrollment probability. Last, SES level 2 shows a larger marginal effect on completion 

HEI concerning level 1, which says that with this new control variable is more significant to 

move from the first SES level to the next one to improve your probability to complete high 

education studies.  

Finally, regional coefficients for HEI analysis reveal some interesting information. 

Again, most of the estimations denote a negative marginal effect on probabilities, but now just 

the North region keeps it for both 2011 to 2017. Although in enrollment analysis its coefficient 

increases by 1 p.p. from one panel to another, for completion it is reduced by almost 4 p.p. While 

for North-Center and South regions, there is a sign change from negative to positive from 2011 

to 2017 on completion probability. This change is important due to that North-Center region has 

a weak negative marginal effect on enrollment, though this denotes that living in those regions 

is benefiting to complete children’s high education.  

In conclusion, results obtained by this extension of the original analysis provide a large 

visualization of this research’s purpose. Due to the addition of the regional variable, it was 

possible to observe if there is a different impact on our main variables’ estimations, nonetheless 

with no significative changes. However, this brought a new perspective to this research that 

includes the analysis of geography on schooling probabilities. The regions’ coefficients denoted 

that there exists a centralization in Mexico and high school education is becoming greater 

because of large negative marginal effects estimated. This is related to other research carried 

out to study Mexico’s regionalization such as Campos-Vázquez et al. (2020), Delajara & Graña 

(2017), and Torche (2020). 

 

6.2 Heterogeneous effects  

The objective of this last part of the analysis extension is to divide the 2011 and 2017 samples 

by quintiles into two other sub-samples, one for the lower and the other one for the highest SES. 

For these classifications, the first and second SES levels constituted the sub-sample 1 and the 

levels three, four, five, and six (for 2011) are the sub-sample 2. Thus, the same original 

estimations were carried out but now for both groups. The purpose of this is to understand the 

different dynamics that can be presented in different social strata and see if this research results 
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persist even with this division. For the lower SES estimations, the baseline level is SES level 1 

while for the higher is SES level 3. 

Tables A3.1 and A3.2 in Appendix A3 show the marginal effects on high school 

enrollment and completion probabilities, respectively, for lower SES levels while Tables A3.3 

and A3.4 for the higher ones. Results denote that parents’ schooling years and certificate 

possession impacts remain positive and significant from 2011 to 2017. But if we focus on the 

changes from one year to another and throughout low and high SES, we found that for lower 

socioeconomic levels mother’s high school certificate effect is 7 p.p. higher in 2017 while in 

higher levels it is reduced almost by its totality (10 p.p.) and fathers’ variable has that increase 

by 7 p.p. from 2011 to 2017. In addition, the SES level 2 coefficient increased by 3 p.p. (2011 

to 2017) while higher levels denote a small increase among them. This means that for lower 

SES going from one level to the other one represents a significant impact on enrollment 

probabilities while for higher levels (taking as reference the third level) just the highest level 

has a larger impact on this probability, but estimations are lower than the originals. 

For high school completion analysis, something similar happens but coefficients for both 

independent variables are lower than enrollment estimations for lower and higher SES levels. 

Now, the father’s schooling years has a larger impact on both sub-samples but both parents’ 

certificate possession increased from 2011 to 2017. This indicates a higher effect in recent years 

of this factor that, as it was discussed before, represents a transmission of non-cognitive skills 

and motivates children to finish their studies. Overall, what can be concluded from this first 

comparison is that in lower SES the change from one level to another is more significant, and 

recent years bring higher coefficients for the mother’s variables. On the other hand, higher SES 

have small estimations differences among them, but these coefficients favor the impact of the 

father’s schooling variables rather than the mother’s. 

Tables A3.5 and A3.6 have the results of the estimations for enrollment and completion 

probabilities for lower SES while Tables A3.7 and A3.8 for the higher ones. For this last part 

the positive marginal effect for both independent variables change because for enrollment and 

completion HEI probabilities in lower SES, the mother’s certificate denotes a negative effect 

for both years. Now these coefficients show a greater dependency on the father’s schooling 

background and a significant impact from SES level 2 just as the high school analysis. For the 

higher SES results even though the mother’s variables have positive marginal effects, the 
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father’s impact is larger. Last, the estimation for SES level 4 increased from 2011 to 2017 which 

indicates that in recent years, moving from medium SES to the next one represents a significant 

increase in going to some HEI. These stronger coefficients denote that in lower and higher 

socioeconomic strata there exists low relative social mobility due to the great impact of changing 

from one level to the other one. But apparently, this just happens in the immediate next ones 

because once you achieved a certain SES level the coefficient does not change so much among 

them.  

Finally, analyzing completion probabilities can be found that for lower SES the marginal 

effect of level 2 increased by almost 10 p.p. from 2011 to 2017, and for higher SES the level 4 

impact went up by almost 17 p.p. After all, this last comparison denotes that HEI there is a 

stronger dependency on father’s schooling background rather than on mother’s. In addition, it 

was revealed that for both enrollment and completion probabilities exist a large marginal effect 

among lower and middle socioeconomic levels when someone moves to the next one. This does 

not persist in higher levels like 5 or 6. 

In conclusion, these last estimations aimed to provide a broader perspective on the 

probabilities studied in this research. The findings are crucial because even though the pattern 

of our independent variables was nearly consistent between lower and higher SES levels, some 

changes in SES coefficients were observed, shedding light on the nuanced dynamics of the 

relationship between SES and high school and HEI enrollment and completion probabilities. 
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Chapter 7  

Conclusion 

In this work, I examine the importance of parents’ schooling background on their children’s 

high school and higher education enrollment and completion probabilities using data from two 

national representative surveys oriented to study social mobility in Mexico. The analysis carried 

out used samples for 2011 and 2017 ESRU-EMOVI data and the findings were that parents' 

schooling years and possession of a certificate had a positive and significant impact on both 

child’s outcomes, with father's schooling variables showing a stronger impact in recent years. 

Notably, the marginal effect in 2017 by father’s schooling years is 2 percent for enrollment and 

1.6 for completion from high school; on the other hand, the impact for higher education was 1.4 

for enrollment and 0.7 percent for completion probability. Moreover, SES also played a crucial 

role, with higher SES levels showing higher impact on probabilities of enrollment and 

completion (almost 40 percent for 2011 and 35 percent for 2017 case). However, the impact of 

SES decreased for HEI completion in 2017 compared to 2011.  

 Although several research has used rank-rank regressions or Mincer earnings equations 

to study education’s impact from generation to generation (Delajara et al., 2020; Patrinos & 

Psacharopoulos, 2020), this work proposed to employ Logit regressions to capture the impact 

of parent’s schooling variables on probabilities. The choice of using this approach is justified 

due to the dichotomous nature of the response variables. Additionally, this model is particularly 

appropriate for this data, aligning perfectly with the nature of this study.  

 While there are signs of absolute social mobility in high school and HEI, the influence 

of SES on high school enrollment probabilities has shifted, with higher SES levels showing a 

significant increase in 2011, but a lower impact in 2017. Despite that, this could indicate a 

slightly improved relative social mobility, the persistence of socioeconomic factors underscores 

the current challenges in achieving equitable educational opportunities, particularly for those 

from lower socioeconomic backgrounds. This brings evidence about the low relative social 

mobility in education for the Mexican context and highlights that not everyone graduates, 

especially those from lower parental schooling backgrounds. However, it is important to 

highlight that those who have arrived at higher education are already self-selected, this is 

because most of the more disadvantaged have already dropped out. Thus, even when comparing 
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both schooling levels, higher education denotes SES’s lower marginal effect than high school 

enrollment, this cannot be interpreted as more opportunities for relative social mobility for HEI. 

But even for those self-selected, socioeconomic status is weaker for higher education. 

 This research also sheds light on sensitivity analysis and the heterogeneous effects that 

this approach can provide. The robustness check, which includes regional fixed effects, confirms 

the consistency of the original estimations. The addition of regional controls provides new 

insights, revealing the centralization of education and opportunities in Mexico. The negative 

marginal effects observed in most regions highlight the disadvantages of not living in the Center 

region. However, the South region shows positive coefficients, although with low significance. 

Notably, higher education completion probability showed that North-Center and South regions 

improve with a sign change from negative to positive impacts on completion. Overall, this 

extension enriches the research by exploring the geographical influence on schooling 

probabilities, supporting the findings of regionalization studies in Mexico. 

 The analysis of heterogeneous effects carried out by dividing the samples into lower and 

higher socioeconomic strata revealed that in lower SES levels, there was a significant increase 

in the impact of a mother's high school certificate in 2017. For high school completion, the 

father's schooling years had a larger impact in both sub-samples, indicating a stronger influence 

from the father's educational background. Moreover, the estimations highlighted that changing 

from one SES level to another had a more significant effect on enrollment probabilities in the 

lower strata, while the impact was smaller for higher SES levels. This suggests higher relative 

social mobility in higher SES groups, as the coefficients showed less variation among them 

which indicates fewer barriers attached to their SES level. These findings provide a 

comprehensive understanding of the complexities in the relationship between socioeconomic 

status and educational probabilities and the notable differences between the two groups. 

An important limitation of this study is that it relies on cross-sectional data from two-

time points (2011 and 2017) to measure the effect of parents’ educational background on their 

child’s educational outcomes. Cross-sectional data can reveal useful patterns, but it may not 

account for the full dynamics of social mobility over time. Longitudinal panel data, which 

follows individuals or families over a long period, would provide a more comprehensive 

understanding of intergenerational mobility and how educational outcomes change over 

generations. Still, this work assesses an approximation of social mobility in education by 
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analyzing the parents' variables' marginal effects on children’s enrollment and completion 

probabilities. However, this approach has inherent assumptions, and the results’ interpretation 

has to be taken with caution.  

Additionally, while the explanatory variables proposed here are undoubtedly crucial in 

shaping opportunities for social mobility in education, there are likely other important factors 

that also influence educational attainment and mobility, such as the quality of schools, access to 

educational resources, and socio-cultural factors. Nevertheless, because of data limitations and 

constraints, this research was unable to include a more extensive set of variables. Despite this, 

the robustness check section aimed to provide an analysis extension by adding one control 

variable to the empirical strategy.  

In conclusion, this work contributes to the existing literature on social mobility in 

education, providing a more recent analysis within the Mexican context. The importance of 

researching this topic becomes evident as it emphasizes the need for policies and interventions 

addressing the impact of parental schooling background on children's educational outcomes. 

The variation in marginal effects across different socioeconomic levels in Mexico highlights the 

existence of a segment of society that faces fewer economic and cultural barriers to accessing 

quality education. These findings underscore the urgency of developing policy 

recommendations and prioritizing reforms in public administration to ensure equitable 

educational opportunities. Future research in this field holds promise in two key areas: first, 

exploring the intricate interactions between educational policies, school quality, and access to 

resources to understand and address disparities; second, investigating socio-cultural factors 

influencing educational choices to design tailored interventions aimed at closing educational 

gaps. 
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Appendices 

A1.  Descriptive Statistics 
  

Figure A1.1 Child’s total schooling years compared to mother’s, 2011 

Figure A1.2 Child’s total schooling years compared to mother’s, 2017 

Source: Own elaboration. 

Source: Own elaboration. 
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Figure A1.3 Father’s total schooling years compared to mother’s, 2011 

Figure A1.4 Father’s total schooling years compared to mother’s, 2017 

Source: Own elaboration. 

Source: Own elaboration. 
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A2. Robustness check 
 

 
 
 

 
  

Table A2.1: Logit model: marginal and impact effects on enrollment to high school 
using fixed effects by region 
 

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates 
represent a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2 
correspond to 2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category 
is the first level, and the region’s mitted variable is the Center region. Standard errors are in 
parentheses. 

*p<0.1; **p<0.05; ***p<0.01 
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Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates 
represent a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2 
correspond to 2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category 
is the first level, and the region’s mitted variable is the Center region. Standard errors are in 
parentheses. 

*p<0.1; **p<0.05; ***p<0.01 

Table A2.2: Logit model: marginal and impact effects on high school completion 
using fixed effects by region 
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Table A2.3: Logit model: marginal and impact effects on enrollment to higher education 
using fixed effects by region 
 

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent 
a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2 correspond to 
2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category is the first level, 
and the region’s mitted variable is the Center region. Standard errors are in parentheses. 

*p<0.1; **p<0.05; ***p<0.01 
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Table A2.4: Logit model: marginal and impact effects on higher education completion 
using fixed effects by region 
 

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent 
a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2 correspond to 
2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category is the first level, 
and the region’s mitted variable is the Center region. Standard errors are in parentheses. 

*p<0.1; **p<0.05; ***p<0.01 
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A3. Heterogeneous effects 
 

 

 

 

 

Table A3.1: Logit model: marginal and impact effects on enrollment to high school for lower 
socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors 
are in parentheses. 

Table A3.2: Logit model: marginal and impact effects on high school completion for lower 
socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors 
are in parentheses. 
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Table A3.3: Logit model: marginal and impact effects on enrollment to high school for higher 
socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors 
are in parentheses. 
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Table A3.4: Logit model: marginal and impact effects on high school completion for higher 
socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors 
are in parentheses. 
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Table A3.5: Logit model: marginal and impact effects on enrollment to higher education for 
lower socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors 
are in parentheses. 

Table A3.6: Logit model: marginal and impact effects on higher education completion for 
lower socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors 
are in parentheses. 
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Table A3.7: Logit model: marginal and impact effects on enrollment to higher education for 
higher socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors 
are in parentheses. 
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Table A3.8: Logit model: marginal and impact effects on higher education completion for 
higher socioeconomic levels 
 

*p<0.1; **p<0.05; ***p<0.01 
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a 
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and 
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's 
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors 
are in parentheses. 


