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Abstract

Exploring the influence of parental schooling background on their child’s educational
opportunities and social mobility in Mexico provides valuable insights for equitable policy
interventions. This work examines whether parents’ schooling years and possession of
completion certificates have an impact on children’s high school and higher education
enrollment and completion probabilities. The analysis was carried out using data from 2011 and
2017 ESRU-EMOVI surveys, both cross-sectional cohort data and random and nationally
representative samples of the Mexican population. I use a probability approach employing Logit
estimations to exploit the variation from 2011 to 2017 implementing controls such as
socioeconomic status, child’s sex, and household size.

The findings of this study highlight the significant positive impact of parents’ education
background variables on children’s high school and higher education outcomes, with fathers'
schooling showing a stronger influence in recent years. Moreover, higher socioeconomic levels
play a crucial role, although its effect on high school enrollment probabilities has decreased in
2017 compared to 2011. As an extension of the study, I carry out further robustness checks and
the results remain significant and consistent. Overall, while absolute social mobility is evident,
the persistence in the relationship between parents' education and children's outcomes.
underscores the ongoing challenges in achieving educational equity, particularly for individuals
from lower socioeconomic backgrounds. These results emphasize the need for specific policy
actions to foster relative social mobility in education and support equal schooling opportunities

in Mexico.
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Chapter 1

Introduction

Social mobility in Mexico is limited and varies significantly across different social groups. The
extent to which inequality is passed down from one generation to the next, known as
intergenerational persistence of inequality, is 0.62. Moreover, there is a notable high persistence
of inequality both at the lower and higher ends of the socioeconomic spectrum, with close to 50
percent of individuals remaining in the same economic position as their parents. In other words,
economic opportunities and advantages are not evenly distributed, leading to a lack of upward
mobility for many individuals and families in the country (Delajara et al., 2020). The study of
social mobility integers at least the following four dimensions: economic, education, health, and
occupation. Latest research has denoted the importance of education and the role it plays in
shaping societies and determining individual opportunities for social mobility (Chetty et al.,
2014).

Understanding the impact of education on social mobility is of great importance due to
the persistent inequalities that have been maintained over time. The evidence provided for the
Mexican context reveals that, on average, individuals have completed 9.2 years of schooling
(not considering kindergarten), which is equivalent to the third year of secundaria. (Behrman &
Grajales, 2015). Additionally, INEGI (s.f.) denotes some regional disparities. This is because
Mexico City has the highest schooling level with almost 12 years and on the other side is
Chiapas with almost 8 schooling years. These findings underscore the situation concerning
educational attainment across the Mexican population. Lower rates of schooling completion
indicate potential barriers to accessing education.

Departing from the idea that social mobility in education is being hindered by
socioeconomic and family factors (Cabrera, 2016; Chetty et al., 2023), this research aims to look
into variables that affect the probabilities of accessing and completing schooling levels. The
objective of this is to shed light on the factors that contribute to educational disparities and their
consequences for social mobility in Mexico. By examining families’ schooling context from
two national representative samples, I seek to answer how much impact does parents’ schooling

background and their economic position have on enrollment and completion probabilities for



high school and higher education. I focus on these two educational levels because they are the
ones with lower rates of completion, as noted above

Based on existing research and empirical evidence, I expect to find that, even when
inequalities in education persist, there may be an increase in the rate of admission to both
schooling levels due to the expansion of available educational opportunities, which represents
higher absolute mobility. However, the important about this is the comparison between high
school and higher education enrollment and completion rates. This is because understanding the
dynamics of educational access and achievement between these two levels is essential for
formulating effective educational policies and interventions that address the specific challenges
each level presents. The proposed hypothesis states that relative social mobility in education
keeps being lower and systematic barriers are maintained from 2011 to 2017, especially on
completion probabilities. This relates to the findings from Monroy-Goémez-Franco & Corak,
(2020) and Solis (2018).

To shed light on the issue, I compare schooling data obtained from the 2011 and 2017
ESRU Survey on Social Mobility in Mexico and calculate the relationship of parents’ schooling
years and they obtaining a high school or high education completion certificate on their
children’s enrollment and completion probabilities from both schooling levels. I also use the
socioeconomic position of the child’s family, the child’s sex, and the family’s household size.
Once I considered all these factors, I compare the marginal effects variation from 2011 year to
2017 to estimate absolute and relative social mobility in terms of education.

The reason I focus on high school and high education is because previous research about
this has shown that, at the end of the last decade, there is a minimum increase in enrollment rate
in high school; unfortunately, problems of school dropout and low educational achievement
persist (Miranda Lopez, 2018; Ruiz, 2014). Ramirez Raymundo et al. (2015) found that,
analyzing schooling trajectory for the 1999-2010 cohort, out of all the students who enrolled in
high school, only 60.6% completed it. This indicates that 40% of those who initially entered the
program did not finish their studies. The dropout rate is especially high between the first and
second year of this schooling level; this means that out of 100 students who started in the first
grade, only 78 made it to the second grade. Thus, understanding the issue of high school dropout
is crucial in the context of Mexico. OECD (2012) described that school failure and dropout have

significant economic and social consequences.



Additionally, I decided to use parents' possession of a graduate certificate as a second
explanatory variable because according to Cunha & Heckman (2007), noncognitive abilities
such as perseverance, motivation, time preference, and risk aversion have direct effects on
schooling. These abilities can fill most of the gaps in college attendance and dropout, but they
are determined by early family factors. Therefore, the importance of this comes from the skills’
formation throughout the completion of schooling years; the impact of enrolling and dropping
out or getting a certificate by means other than studying is less, as is the transfer of abilities to
daughters and sons (Cameron & Heckman, 1991)

The results suggest the positive and significant impact of parents' education and
possession of a graduate certificate on the probability of high school enrollment. Notably,
fathers' schooling years had a stronger influence in 2017, relative to 2011, keeping the SES
constant. On the other hand, mothers' schooling years showed the opposite trend. Additionally,
the study underscored the importance of socioeconomic status (SES) in influencing enrollment
probabilities. The probability of enrolling in HEI was higher for people with more money and
status, but this effect was less strong in 2017 than before. This means that people from poorer
backgrounds had a slightly better chance of getting into college, which shows a small increase
in social mobility. However, there was still a big gap between the rich and the poor in terms of
educational opportunities, which shows that there are still many problems and obstacles that
prevent everyone from having equal access to education.

This study also examined how parents’ education and certification affected the chances
of enrolling and completing higher education institutions (HEI). All things considered, the
results of these estimations show that a parent’s educational background is important for HEI
enrollment and completion, even more, if your father has a graduation certificate of this level
because the human capital and non-cognitive skills transmission is higher. However, I highlight
the cautious interpretation due to different unit measurements for each variable. Socioeconomic
status also mattered, with more obstacles for the middle SES group than the lower and higher
ones.

Finally, comparing the results from high school and HEI enrollment and completion
outcomes, the analysis underscored the significant influence of a parent's education background,
especially if they possessed a graduate certificate, on both probabilities. Nonetheless, the impact

suggested an increase in social mobility for HEI compared to high school, but also indicated the



enduring impact of socioeconomic factors on educational achievements. Socioeconomic status
(SES) remained a pertinent factor for both educational levels, exerting a greater effect on high
school, but its impact diminished concerning HEI completion.

In summary, the obtained results carry implications for understanding the transmission
of education across generations and informed policymaking aimed at reducing educational
disparities. This research seeks to make a substantial contribution to the existing knowledge
base and offer invaluable insights for policy interventions geared towards mitigating educational
inequalities and promoting upward mobility opportunities.

Furthermore, I explored heterogeneous effects within the samples, dividing them into
lower and higher socioeconomic strata using quintiles. The results revealed consistent positive
impacts of parents' schooling years and possession of a certificate on high school and higher
education enrollment and completion probabilities from 2011 to 2017. Noticeably, in the lower
socioeconomic levels, the effect of a mother's high school certificate increased in 2017, while
in higher levels, it decreased. Besides, moving from one socioeconomic level to another had a
more significant impact on enrollment probabilities in the lower strata, whereas higher levels
showed smaller differences. In terms of absolute social mobility, this suggests an overall
positive trend of upward educational mobility within the population. Regarding relative social
mobility, this highlights the persistent differences in mobility chances between different
economic groups.

In addition, I extend the analysis by conducting a robustness check with regional fixed
effects. The results show consistent patterns for parents' schooling years, possession of a
certificate, and SES, with positive impact and statistical significance on high school and higher
education enrollment probabilities. Regional disparities are evident, with most regions showing
a negative effect compared to the Center region. Notably, regional effects shift from negative to
positive, particularly in the North-Center and South regions, suggesting potential advantages for
completing higher education in these areas. Overall, these findings enrich our understanding of
educational inequalities influenced by geography and align with existing studies on Mexico's
regionalization (Delajara & Grafia, 2017; Monroy-Gomez-Franco & Corak, 2020; Torche,
2019).

Several works analyzing social mobility in education in Mexico by different approaches

are Delajara & Grafia (2017), Monroy-Gomez-Franco & Corak, (2020), and Torche (2019,



2020). I differentiate from these by using schooling context variables to estimate enrollment and
completion probabilities of two education levels in Mexico, it is one of a few studies analyzing
this link with a probability approach. Some papers try to estimate social mobility in education
by a rank-rank approach (Delajara et al., 2020). (Behrman & Grajales, 2015) conducted a study
to analyze intergenerational mobility patterns for schooling, occupation, and household wealth
where their empirical strategy was estimating parents’ outcomes on grandparents’ outcomes
such as completed grades of schooling.

This research is structured as follows. The next section reviews the existing literature on
the subject. Section 3 describes the data used here and provide some graphic visualization of
Mexico’s educational context. Section 4 details the methodology employed in the work. Section
5 shows the main results obtained, and section 6 discusses robustness checks and heterogeneous

effects. Finally, I present my conclusions.



Chapter 2

Literature Review

The study of social mobility and education has had a gradually exponential development during
the last years, especially when we refer to the Mexican context. That is why this literature review
will be constituted of three main parts. In the first one, I will seek to lay the foundations of social
mobility, specifically on how to measure it. In the second one, I will approach the study of
intergenerational transmission of human capital, focusing on educational conditions and how
the evidence until now tries to explain the importance of it. And the last one will unite both
streams of analysis and will aim to centralize it to the Mexican context.

Social mobility has been a subject of great interest in sociology and other social disciplines since
it analyzes the factors that intervene for a person or a group to improve their social position
(Corak, 2016; Esping-Andersen & Cimentada, 2018). The understanding of this is crucial to
analyze inequality and social justice, as well as to inform public policies aimed at reducing the
gap between different social positions (Serrano Espinosa & Torche, 2010). In this literature
review section, some of the key studies on social mobility will be exposed and I will discuss the
main theories and approaches used in this work.

The concept of social mobility can be defined as shifts or changes that occur in the SES
of individuals within a society (Chetty et al., 2014; Corak, 2016; Vélez Grajales, Campos
Vazquez, et al., 2015). In order to achieve high levels of social mobility, it is essential to ensure
that everyone competes on a level playing field, with equal access to opportunities and
resources. In Vélez Grajales et al. (2015) authors explore and analyze the different aspects or
dimensions that contribute to this phenomenon. Based on the evidence of recent studies, there
exists an important link between social mobility and topics like poverty, socioeconomic
inequality, and growth (Chetty et al., 2014; Corak, 2016; Paterson & lannelli, 2008; Vélez
Grajales, Campos Vazquez, et al., 2015).

There exist different ways to approach social mobility. First of all, we have
intergenerational or intragenerational mobility. The first one refers to the change in someone’s
position compared to her home of origin. The second one is the shifts that exist in the
socioeconomic position throughout the life cycle of people (Behrman et al., 2001). Depending

on which one we want to study, there exist two other kinds of mobility: horizontal —changes



of an individual’s position within a specific SES— and vertical —the movement of an individual
from one social stratum or level to another, either upward (ascending) or downward
(descending) (Torche, 2005; Vélez Grajales, Campos Vazquez, et al., 2015). Lastly, we can
identify two types of social mobility. There exists absolute social mobility, which compares an
individual’s position or achievements concerning their previous generations. On the other hand,
there is relative social mobility, and it examines how likely it is for someone from a particular
social background to move to a higher or lower position in the social hierarchy compared to
others in her generation (Erikson & Goldthorpe, 2008).

Now, the maximally maintained inequality (MMI) theory is employed in the research
framework of this study to propose the potential impacts of education in situations where there
are large disparities in social status and economic opportunities (Raftery & Hout, 1993). This
principle suggests that individuals from the most privileged socioeconomic groups are more
likely to benefit from educational opportunities. As a result, there will still be significant
differences in entry rates between SES, with those in more advantaged positions having greater
access to education. These inequalities will probably continue until the income rate of the most
privileged individuals reaches a point where it can no longer increase any further (Cabrera,
2016).

In addition to MMI, the effective maintained inequality (EMI) theory questions the
validity of the educational transitions approach and suggests that there are significant social
background effects even for transitions that are nearly universal (Lucas, 2001). In other words,
this implies that even if more students from diverse socioeconomic backgrounds are granted
access to higher education, social inequalities can persist due to differences in the quality of
education and opportunities available to them, which can be influenced by factors such as
socioeconomic status and institutional biases (Cabrera, 2016; Lucas, 2001). An example related
to this work is that if the probabilities of accessing to HEI depend less on the education of the
parents then it represents a higher absolute mobility. If parents' education has a greater influence
on completing some education level, this implies reduced relative mobility because the human
capital transmission is stronger but with low levels of schooling. Thus, if we compared respect
to their SES position, there are fewer prospects for its successful completion compared to those

from higher income backgrounds within the same generation.



According to Milanovi¢ (2019), the combination of exorbitant education expenses and
the perceived or actual educational excellence offered by prestigious schools serves two
purposes. Firstly, it creates an insurmountable barrier for others to compete with the affluent
individuals who control exclusive education. Secondly, it effectively communicates that
individuals who have attended these schools not only hail from privileged backgrounds but also
possess superior intellectual abilities.

Several studies have shown evidence that family is the main transmitter of culture,
values, and principles in the life of a child (Corak, 2016; Esping-Andersen & Cimentada, 2018;
Paterson & lannelli, 2008). As far as we know, family is one of the oldest institutions in our
society, and social mobility finds its roots in the analysis of people’s context of origin. What is
important to highlight from this is that, according to Esping-Andersen & Cimentada (2018),
considering the child’s family environment, there could exist a possibility that skill
combinations can modify the mobility of a person. But this set of skills is also developed under
certain circumstances that could explain why the son, or the daughter, makes certain decisions
in life.

Following the argument by Erikson & Goldthorpe (1992), social mobility within
developing class structures of modern industrial societies could be a “constant flux” as they
named it. This means that, according to their evidence, there exists a persistence of low
intergenerational class mobility. In other words, people tend to remain in the same social class
as their parents, even when there have been changes in the economy and society over time. This
kind of analysis we can also find it in Chetty et al. (2014). In this paper, the authors study the
link between parents’ income and the socioeconomic level of their children to describe how
people move among the generation distribution. What they find is that there exists a relationship
between parents’ income and the future of their sons or daughters. Specifically, they showed
that a 10% increase in parents’ earnings is associated with a rise of 3.4% in children’s future
income.

Moreover, education is one of the dimensions that are part of social mobility, and its
importance has been widely recognized in the academic literature (Blanden, 2020; Cabrera,
2016; Gu etal., 2022; Hanushek & Woessmann, 2020; Patrinos & Psacharopoulos, 2020;
Psacharopoulos, 1972). The main argument about education and its effect on social mobility is

the intergenerational transmission of human capital. This refers to the process by which parents



transmit their resources and characteristics to their children, including the educational level
attained (Black et al., 2005).

Numerous studies have shown that the education of parents is a key factor in determining
the educational level of their children and that the educational level of parents can have a
significant impact on the social mobility of their children (Black et al., 2005; Doruk et al., 2022;
Torche, 2011; Torche & Costa Ribeiro, 2010). In this sense, education is not only important for
the development of specific skills and knowledge but also to acquire a higher social position
than that of parents. In the research carried out by Chetty et al. (2020), the authors gathered data
on parental income and earnings outcomes for college students in the United States. The purpose
of this was to examine how the socioeconomic position of parents might affect the quality of
their children's college education. The results revealed significant university segregation due to
the self-selection of the students according to their family background.

Some of the findings for countries like China, Norway, England, Wales, and Scotland
highlight the roles that educational attainment plays in the intergenerational mobility process
and how it can be a vehicle to improve social mobility (Black et al., 2005; Gu et al., 2022;
Paterson & lannelli, 2008). Their discoveries show two positions, first that the relationship is
mainly shaped by family attributes and inherent abilities rather than educational spillages, while
the second is that estimations revealed a positive correlation between parental education and
their children's university enrollment. Resolutions highlight the substantial expansion of non-
manual employment, which initially facilitated upward mobility but has lately contributed to
downward social mobility from middle-class backgrounds.

Certain studies that seek to carry out this type of research have focused their analysis on
North America and Latin America (Behrman et al., 2001; Cabrera, 2016; Chetty et al., 2014;
Corak, 2013; Doruk et al., 2022; Torche, 2011; Torche & Costa Ribeiro, 2010). These works
present a comprehensive overview of intergenerational mobility, revealing a range of findings.
Higher parent income is shown to positively correlate with increased child income, while
various factors like reduced residential segregation, lower income inequality, better primary
schools, stronger social capital, and family stability contribute to upward mobility. Disparities
in intergenerational mobility between the United States and other countries are explored,

particularly about growing inequality.



The context of Brazil uncovers declining economic returns to education and a
diminishing influence of class origins on the class destination, influencing mobility dynamics
across different national contexts. The relationship between educational attainment and
intergenerational association follows a U-shaped pattern, with a strong connection among those
with low education, a weakened or absent association among bachelor's degree holders, and a
resurgence among individuals with advanced degrees. Finally, policy implications for reducing
income inequality and fostering economic growth are emphasized in the examination of
intergenerational income mobility in Brazil and Panama because of their socioeconomic
environment.

Furthermore, there is research that emphasizes the measurement of relative social
mobility. For example, in Cabrera (2016) the author focuses on the relationship between the
socioeconomic status of young people in Chile and their admission to different types of higher
education institutions (HEI). The objective is to analyze whether there are inequalities in the
probabilities of access to the most prestigious institutions that are effectively maintained over
time. This is important research for this work because it provides the necessary foundations to
understand and develop the empirical strategy used here. Compared to this, Behrman &
Grajales, (2015) found that for Mexico intergenerational relative schooling mobility consistently
increased over time for all population subgroups.

Summarizing, the evidence presented until now suggests that education is a fundamental
tool for social mobility, but it can also be a mechanism for the reproduction of inequality. The
intergenerational transmission of human capital, especially in contexts with high levels of
inequality such as in Latin America, has a significant impact on individuals’ educational and
employment opportunities.

The importance of understanding the patterns of social mobility in the Mexican context
lies in the persistence of social and economic inequality, as well as in the search for public
policies that promote equal opportunities and reduce the gap between the different social strata
(Serrano Espinosa et al., 2008; Solis, 2018). Through the review of the specialized literature, it
is possible to identify the trends and patterns of the multidimensionality of social mobility in
Mexico, as well as their causes and consequences (Behrman & Grajales, 2015; Campos-
Vézquez et al., 2012; Delajara et al., 2020; Delajara & Grana, 2017; Torche, 2019, 2020; Vélez
Grajales, Campos Vazquez, et al., 2015).
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Torche (2020) analyzed to what extent the intergenerational socioeconomic link is
influenced by education and how much it occurs through non-educational channels. Considering
the significant gender and regional stratification, separate analyses were performed for Mexican
men and women, as well as for different regions of the country. This study found that among
Mexican men, the intergenerational economic association increases across cohorts from those
born between the 1950s to those born in the early 1970s, to then decline among younger cohorts.
However, in the case of women, the increase in the intergenerational socioeconomic association
across cohorts was due to a combination of growing socioeconomic returns to schooling and
growing intergenerational association net of education, signaling declining mobility. On a
positive note, the study found that across cohorts, individuals are increasingly able to attain
more education regardless of their social origins (Torche, 2020).

Finally, in Delajara & Grafia (2017) the authors conducted studies using rank-rank
regressions to determine the extent of relative and absolute upward social mobility, which
provided evidence of a negative association between low social mobility and inequality. They
used survey data from 2011 and found a clear north-south gradient, where children of poor
parents had greater upward mobility as they moved away from the south, the country's poorest
region. This result is also provided by other similar analyses which reaffirm that there is an
inequality of mobility in Mexico (Delajara et al., 2020; Delajara & Grafia, 2017; Monroy-
Gomez-Franco & Corak, 2020; Torche, 2019).

Comparing these findings with the international ones it is clear that education is a key
factor in intergenerational mobility. Formal studies highlight the relationship between parental
education and children's educational attainment, indicating that family attributes and inherent
abilities influence this connection. Additionally, some results show a positive correlation
between parental education and children's university enrollment, underscoring the importance
of education in facilitating upward mobility. Factors such as reduced residential segregation,
lower income inequality, and social capital are identified as contributing to upward mobility in
both non-Mexican countries and Mexico. These common findings emphasize the significance
of creating an environment that supports equal opportunities and reduces barriers to mobility.
Last, similar dynamics between Brazil and Mexico suggest that both countries face common
challenges and opportunities to promote intergenerational mobility. Therefore, the policy

implications in countries such as Brazil, Panama, and Mexico are focused on reducing income
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inequality and fostering economic growth, which highlights the importance of implementing
measures that address disparities and create a more equitable society.

This literature review identified several studies that explored the patterns and causes of
social mobility in Mexico (Behrman & Grajales, 2015; Campos-Vazquez et al., 2012; Delajara
et al., 2020; Monroy-Gomez-Franco & Corak, 2020; Serrano Espinosa et al., 2008; Solis, 2011,
2018; Torche, 2019, 2020; Vélez Grajales, Huerta Wong, et al., 2015), reflecting the persistent
social and economic inequality in the country and the need for policies that promote equal
opportunities. The following section will discuss the data and methods used in this study to

estimate relative schooling social mobility in Mexico.
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Chapter 3

Data

3.1 Database

To estimate the models and test the hypothesis proposed, I use the information from 2011 and
2017 ESRU Survey on Social Mobility in Mexico (EMOVI) of the Centro de Estudios Espinosa
Yglesias (CEEY). Both are cross-sectional cohort data and random and nationally representative
samples of Mexican men and women between 25 and 64 years of age.! These surveys are the
most adequate source for this analysis since they collect detailed information on schooling, labor
force, adult labor income, assets, and socioeconomic level of the interviewed person, which in
most cases it was the head of household. It also compiles school information of this person’s
parents, partner, and children. The 2011 module collected 11,001 interviews and for the 2017
module, there were a total of 17,665.

The purpose of this research is to analyze children’s enrollment and completion
probabilities from high school (preparatoria) and university of controlling by their context of
education and SES, for both 2011 and 2017. To achieve this, I compute years of schooling based
on normative Mexican school grades, and household socioeconomic classification was made
based on their human capital; practical Infrastructure; connectivity and entertainment, and basic
infrastructure and space. Finally, to avoid bias on estimates due to age because we are studying
a certain schooling level which is almost at the end of the educational pyramid, it remained the
information of those cases where children were 12 years or older. Thus, my final samples

comprise 9,249 individuals for 2011 and 11,805 for the 2017 module.

3.2 Descriptive statistics

Table 1 contains descriptive statistics for the variable of interest (schooling) and other useful
information for both survey samples. As ESRU-EMOVI collects data from an interviewed adult
and also gathers information on the parents and children of these adults, the mention of “parents”

in this research is referring to the interviewed and her partner, while “children” is about their

! The first version of this national study on social mobility is from 2006, but for reasons of the
questionnaire structure, this module had to be left out of this analysis.
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daughters and sons. Last, “grandparents” are the parents of the interviewed adult. The first panel

summarizes the 2011 data and the second one is about the 2017 survey.

Table 3.1: Descriptive statistics

Variables Obs Mean  St. Dev. Min  Max
2011

Household size 9,249 4.8 2.2 1 26
Children’s age 9,249 23.1 8.5 12 54
Children’s schooling 8,915 12.6 3.2 3 26
Interviewee’s age 9,249 49.1 9.5 25 64
Father’s schooling 6,587 10.8 3.8 1 26
Mother’s schooling 7,790 10.4 3.5 1 26
Grandfather’s schooling 3,586 8.5 3.1 1 28
Grandmother’s schooling 3,425 8.3 2.8 1 21
2017

Household size 11,805 4.6 1.7 1 15
Children’s age 11,805 22.6 8.2 12 54
Children’s schooling 11,680 13.6 3.3 4 26
Interviewee’s age 11,805 48.8 8.9 25 64
Father’s schooling 11,219 12.0 4.2 4 26
Mother’s schooling 11,186 11.6 3.8 4 26
Grandfather’s schooling 5,350 8.9 3.9 2 26
Grandmother’s schooling 4,116 94 4.1 3 26

Source: EMOVI 2011 and 2017.

In 2011 mean household size was 4.8 with a maximum of 26 members, while in 2017
the mean was alike, with 4.6 people, but the maximum reported was 15 members. Now, if we
pay attention to schooling information there is a valuable perspective of the family context.
According to this data, we observe an increase in mean years of education from generation to
generation for both panels. On average, grandparents have 8 to almost 9 schooling years, while
the next generation, the parents, have 10 to 12 years. Nevertheless, there exists a difference
between 2011 and 2017 about this because for the second one parents report to have studied at
least one or two years more compared to 2011. In the case of children, both the first and second
sections show similar data, with a difference of one year from 2011 to 2017. So, there exists at
least a jump of a minimum of four years between grandparents and grandchildren, which at first
glance denotes progress in education.

Figures 3.1 and 3.2 present a visualization of the average total schooling years reached

by children in the sample divided by AMAI levels? (2011 module) and socioeconomic quintiles

2 The “Niveles Socioecondmicos de la Asociaciéon Mexicana de Agencias de Inteligencia de Mercado y
Opinion AC” (NSE-AMAI) are a measure of socioeconomic status based on a statistical model, that allows
grouping and classifying Mexican households into seven levels (current version), according to their ability to meet
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(2017 module). We can appreciate that there is a persistence in the lower SES to have a total
education between 11 and 12 schooling years. While the upper quintiles have a higher frequency
reaching an average of 15 years. These graphs offer a perspective of schooling inequality where
a sector of society is leading with its economic and cultural barriers while others are benefitting
from their socioeconomic position to improve their education. The importance of this derives
from the persistence of this inequality for both years, denoting the need to study the factors that
build educational barriers and offer an approach to possible ways to address them.

Figures 3.3 and 3.4 show the comparison of the schooling variable’s distribution between
father and child for 2011 and 2017, respectively. Similar graphs can be found in Appendix A.1
but comparing mother-child and father-mother distributions. According to these graphs, it is
clear that the distribution for schooling years is different from child to parents. First, when we
compare a child to her father or mother, there are markable differences on the spikes. For
example, the fathers’ distribution for both years shows that there is a greater composition of
parents who reach most very low levels of education (i.e., elementary) while their children have
managed to reach at least one higher level, which means secondary or even high school. As we
follow those curves it is possible to observe that the majority is located in the intermediate levels
of education. The previous conclusions from these relationships are valid for 2011 and 2017

data. The value of these observations is that they motivate this work because they help to

Figure 3.1 Average schooling years by AMALI level

Average Years of Schooling

Source: Own elaboration.

the needs of their members. The 2011 sample used the former version of this measure and reported six levels,
instead of seven.
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Figure 3.2 Average schooling years by quintiles
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Figure 3.4 Child’s total schooling years compared to father’s, 2017
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Source: Own elaboration.

understand in a better way what kind of intergeneration transmission is happening when it comes
to education. Now, the following chapters will develop the idea using an econometric model to
test if there exists an influence of the socioeconomic context and educational background on

children’s academic trajectory.
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Chapter 4

Empirical Strategy

The objective of this research is to identify how much impact has parental’ schooling
background on children’s high school and high education enrollment and completion
probabilities and the dynamic of this relationship in recent years. To achieve this, I use Logit
regressions with family background controls. These kinds of models are useful for situations in
which a dichotomous response is available that is thought to be influenced or caused by the
levels of one or more independent variables and is particularly suitable for this data, just like is

proposed here. The model would be formed as the following equation:
Pr(yijt = 1|Xit'th) = G(B1 X1t + P2 X2 + €) (1)

Where Pr(Yl- je=1 |X it X jt) is the representation of the probability of realization of Y,
per individual 7 at time ¢ = 2011, 2017 for the education level j = high school, HEI. Depending
on the case, this will mean if she did or did not enter high school or to some HEI and in the
second case if she finished it or not. The marginal effects come from the derivative of the
function G concerning X;; which is a vector of explanatory variables. For the first part of the
analysis, these are the fathers' and mothers’ schooling years.

There are some methodological challenges when it comes to the analysis between
families’ sociocultural and economic capital and the academic achievement of their daughters
and sons. As some scientists have explored the impact of just parental income on children’s
outputs, this work interest is based on a multidimensional measure of family background. If we
analyze income as an explanatory variable, it could bias our estimations due to the temporary
impact of earnings. As has been reported in previous literature, income long-term effects have
been reported to be more important with respect to academic trajectories (Carneiro & Heckman,
2003; Huang et al., 2009; Kane, 2001).

Sometimes these kinds of studies cannot be done because lack of information but,
fortunately, in this work the data from EMOVI 2011 and 2017 provide the position of parents

and children in the socioeconomic distribution that may reflect long-term income. For the first
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module is captured throughout the “AMALI level” and for the 2017 survey quintiles were
estimated and the households were classified according to their human capital; practical
infrastructure; connectivity and entertainment and basic infrastructure and space, very similar
to AMAI classification rules.

Following the model explanation, if this research is trying to capture and visualize the
impact of parental educational factors on both child’s enrollment and completion probabilities,
it is also important to divide between those parents that completed the schooling levels studied
here and the ones that did not. Children coming from “better” families, for example with parents
with more schooling, and with high ability can improve their future schooling by developing
those abilities and skills that are transmitted by their parents (Bueno, 2019; Carneiro &
Heckman, 2003).

Thus, given the assumption that the person who has completed studies must have the
certificate, two sets of regression are being tested with different independent variables. For this
second part, the explanatory variables are dummies that capture whether the parents have a
certificate that proves that they have completed the level of studies to be analyzed, which could

be high school or some HEI. Due to this, the model will fit as follows:
Pr(Yije = 1[Xije, Xje) = G(BiXuje + B2 Xoe + €0) 2)

This dummy serves here as an approximation to the study of the impact of parents’
educational level completion, since I use the assumption that the person who has completed

studies must have the certificate. Being X;; the vector that includes those dummies. Last, for

both models, the X,; vector of regressors includes household context variables used as controls.
These variables are household size; socioeconomic level (AMALI or quintile) and child’s sex.
The difference with model 1 is that here the first vector of explanatory variables depends now
on which schooling level is being tested. So, for the first part of the analysis, Equation 1 can be

rewritten as:

Enrollment;;; = ; + p;SchoolingF;; + B,SchoolingM,, 3)
+ p;HouseholdSize;; + [,SElevel;, + [;ChildSex;; + €;
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Completion;;; = 3, + p,SchoolingF;; + B,SchoolingM;, 4)
+ p;HouseholdSize;; + [,SElevel;; + [;ChildSex;; + €;

And, for the second part of the analysis, Equation 2 can be rewritten as:

Enrollment;;; = B, + p,CertificateF;, + p,CertificateM;; (5)
+ B;HouseholdSize;; + [,SElevel;, + [;ChildSex;; + €;

Completion;;; = 3, + p,CertificateF;;; + B,CertificateM,;, (6)
+ B;HouseholdSize;; + [,SElevel;, + [;ChildSex;; + €;

In this sense, the empirical strategy implemented is a logit model with four derivations,
depending on the dependent and independent variables. First, the impact of parents’ years of
schooling or graduation certificate possession on enrollment or completion of high school or
HEI is estimated, with and without control vectors. After running logit regressions, marginal
effects are estimated to provide a clearer interpretation. In the next chapter, I will present these

results together with a more detailed description of what we can conclude from them.
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Chapter 5

Results

The results presented here are going to be structured as follows: first, the estimated coefficients
from the first and second parts of the model for the probability of enrollment and completion
from high school will be explained. Then, the extension of the same logit model is implemented

to estimate both parts of the analysis for the same probabilities but for the case of HEL.

5.1 Marginal and impact effects on enrollment to and completion of high school

Table 5.1 presents the marginal effects on the probability of enrollment to the high school of
eight Logit estimations for both years, 2011 and 2017. Each column represents a different
regression; columns 1 to 4 correspond to 2011 and columns 5 to 8 are from 2017. Now, the
regressions that show marginal effects on high school enrollment probability that include just
the explanatory variables (parents’ schooling years and possession of certificate) are in columns
1,2, 5, and 6. The other ones that control by socioeconomic status, household size, and child's
sex are in columns 3, 4, 7, and 8.

Results show that the impact of parents’ education and graduate certificate on this
probability is positive and statistically significant. The difference among coefficients for 2011
and 2017 can be observed after controlling for household context. For example, in 2011 the
model with full controls shows that the impact of the father’s schooling years has a marginal
effect of 1.2 percent points, while in 2017 the marginal impact is 2 p.p. Though, for the mother’s
schooling years there is a decrease in the marginal impact from 1.6 p.p. to 0.8 p.p. in 2017.

Furthermore, if we analyze the coefficients for SES, they reveal that for higher levels the
enrollment probabilities significantly increase from 5.4 p.p. to 32.7 p.p. in 2011 (with respect to
parents in the first level). For 2017, the estimations are lower for higher SES levels compared
to 2011 (having 22.9 p.p. as the maximum), while for level 2 the marginal effect is now 7 p.p.

These numbers suggest two things. First, the father’s schooling years present a
significant impact on children’s enrollment probability with and without controls, which means
that there is an important human capital transmission from parents to daughters and sons and is

stronger for 2017 than in 2011. This indicates that absolute social mobility is lower because you
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are more dependent on your father’s schooling background. However, the opposite occurs for
the mother’s schooling years which shows that for recent years the marginal impact is low and
denotes that the school attachment by the mother’s side is weaker.

Finally, the influence on enrollment probability has a clear inclination towards the
highest SES levels, but in general, for 2017 estimations this impact is lower. This means that
socioeconomic factors are less relevant than in 2011 but they keep being significant and strong.
These findings suggest a subtle improvement in relative social mobility, indicating that
individuals from lower SES backgrounds might have slightly better access to educational
opportunities compared to before. Despite this progress, the persistence of inequality and
cultural constraints associated with lower income and ownership continue to hinder substantial
upward mobility for those at the bottom of the socioeconomic ladder.

Another main observation is that the impact of the certificate is higher than the one of
education and this persists even after adding controls, for both 2011 and 2017 estimations.’
interpreting these numbers as a linear comparison is wrong because of the unit of measure for
each variable. Assuming linearity, obtaining the certificate increases the probability as much as
if we increased 10 years of education to the father. The large impact that this variable has can
be correlated to non-cognitive skills transmission throughout parents, just as it was described
before (Carneiro & Heckman, 2003; Cunha & Heckman, 2007).

Now, conclusions from this can be important to understand schooling and skill
intergenerational transmission. For this, we need to look at the relationship between SES levels
and possession of certificate coefficients. As it was expected, controlling by quintiles and AMAI
strata the estimations for the main independent variable reduce, but they remain significant, also
the socioeconomic ones. This denotes that this characteristic alters the probability of enrollment
due to results that show an impact of 9.8 p.p. for fathers and 10.1 p.p. for mothers in 2011, and
16.9 p.p. and 3.8 p.p. respectively for the 2017 panel. The marginal effect that a certificate has
could be a signal of the strong influence that parents have on children’s abilities and educational
achievements.

Table 5.2 has the marginal effects on the probability of graduating from high school. Just

as in the previous results visualization, in this one, the composition of each column is the same

3 Interpreting these numbers as a linear comparison is wrong because of the unit of measure for each
variable.
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but now the dependent variable is different. As we can see, again, almost every coefficient is
statistically significant and with a positive impact on the probability tested. The effect of
parents’ schooling years is substantially reduced when adding controls to the regressions at
almost half of their initial coefficient. If we pay attention to comparisons between both years,
we will have a better notion of social mobility. For example, the estimated schooling and
certificate impact for 2011 is lower in comparison to 2017, principally when we refer to the
father’s years. This means that the marginal effects of both variables are strong and significantly
related to high school completion and also that there is a stronger dependency by the father’s
side on high school completion but weaker by the mother’s side.

Comparing the values obtained for enrollment and completion analysis denotes that,
even though more children are going to study, not everyone is reaching graduation, mainly those
whose parents have fewer schooling years or incomplete high school. If we look at SES
coefficients and their relationship with parents’ certificates, the estimations show that from 2011
to 2017 there is a decrease in SES marginal effects that can be correlated to a slight increase in
relative social mobility. Though contrasting the marginal effects of socioeconomic variables on
enrollment probability, the coefficients are higher on completion analysis. This indicates that
there is a strong relation as the SES is higher, therefore signifies that people with more resources
have higher probabilities to graduate.

Altogether, the conclusions about this first part are that there exists absolute social
mobility, but relative social mobility stills lower because of socioeconomic factors’ high impact,
mainly when comparing completion probability between years. This finding is very important
due to its political relevance which denotes that people managing to achieve graduation from

high school is being benefited by their economic privileges.

5.2 Marginal and impact effects on enrollment to and completion from Higher Education
Institutes

Table 5.3 shows the variables’ marginal effects on enrollment and completion probabilities from
HEI. The results denote that from 2011 to 2017, using control vectors, the father’s schooling
years increase by 0.8 p.p. and also the fathers’ certificate by 12 p.p. However, in the mother’s
case, this is different. There is a decrease for both coefficients, but for mother’s certificate is

reduced by 5.5 p.p. and leaving this variable without statistical significance in 2017. This
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behavior shows that, even though both parents’ variables have a positive impact on enrollment
probabilities, fathers keep being the ones with more influence on the child. Now, if we observe
the SES coefficients there is a slight increase in level two from 2011 to 2017 and now
estimations are significant. For the other levels, values are almost the same but for the last SES,
the effect is lower than in 2011. In terms of relative social mobility, this indicates that
socioeconomic barriers have more impact on middle SES levels compared to the first level, but
as the strata is higher there is less impact. In other words, a change from level one to level two
or three than to level five or six is more significant and stronger, which means that there exist
barriers that persist among individuals from the same generations to enroll in HEI. Thus, these
results show an important persistence of parents’ education transmission when we talk about
this educational level.

Finally, findings about HEI completion are shown in Table 5.4 and they are similar to
those for enrollment. Fathers’ schooling variables keep their significance and increase from
2011 to 2017, while mother’s impact is lower. Mother’s certificate variable has a decrease of
1.1 p.p., and it lost statistical significance, which means that child’s schooling transference is
stronger coming from the father’s side rather than the mother’s. Last, SES coefficients behave
in a positive pattern, but the second level obtains significance until 2017. Comparing these
estimations with enrollment’s denotes that there is a decreasing effect on socioeconomic factors
due to the lower values for completion probability. In other words, once the student achieved to
get into some HEI, socioeconomic variables explain to a lesser extent completion of this school
level.

When comparing schooling coefficients with high school estimations, it is revealed that
the impact is higher for high school probability than HEI’s. Although, SES values denote that
despite its positive marginal effect on both probabilities, there is a stronger effect on high school
but significant for both school levels. Even that, the marginal effect is higher for levels four and
five (in comparison to the first level) in HEI 2017 enrollment estimations. This evidence is
linked to EMI theory due to the persistent relationship between child’s socioeconomic and
cultural background and their academic achievements. Therefore, controlling by SES and using
parents’ schooling years and possession of a certificate as dependent variables, from 2011 to

2017 there exists higher absolute and relative social mobility for HEI than for high school.
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Chapter 6

Sensitivity Analysis and Heterogeneous Effects

In this section, a sensitivity analysis will be carried out and the heterogeneous effects present in
the study will be explored. The sensitivity analysis will allow evaluating of the robustness of
the results obtained, implementing fixed effects by geographic region. Likewise, heterogeneous
effects will be examined to identify possible variations in the results according to socioeconomic
levels, dividing between the lowest and the highest. This analysis will provide a more complete
and detailed vision of the findings, allowing us to better understand the different dynamics and
nuances present in the relationship between education and social mobility in the Mexican

context.

6.1 Robustness check
The validity of previous results assumes that a child’s schooling background is formed just by
parents’ schooling years and that non-cognitive skills transmission is throughout the parent’s
schooling completion. Though these presumptions appear to be reasonable, in this section I
substantiate them further controlling by another factor that could be possibly correlated with a
child’s academic achievement. According to research, there exists evidence of a phenomenon
called “geography of prosperity” where certain regions and societies are no longer coming
together in terms of trade and technological advancements, leading to concentrated prosperity
in some regions while leaving many other places struggling and disadvantaged (Shambaugh &
Nunn, 2018). This kind of heterogeneous development provides a beneficial context for families
residing in better cities due to the quality of education for their children (Delajara et al., 2020).
Studies trying to capture this effect in Mexico have been carried out and interesting
patterns among regions have been found (Campos-Vazquez et al., 2020; Delajara et al., 2020;
Delajara & Graia, 2017; Monroy-Gomez-Franco & Corak, 2020). So, to see if the region factor
changes the estimations, I add regional fixed effects to the econometric model to capture this
phenomenon. The variable “region” here refers to Mexico’s geographic zone where the state in
which children’s actual residence is located. The reason for this is that this analysis is focusing

on children's academic performance throughout enrollment and completion probabilities of two
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schooling levels. As they are growing up in those states, this is a period of accumulation of
human capital; therefore, the impact of socioeconomic differences is probably greater.

For regionalization, this research adopted the one used by the Bank of Mexico (2016).
In this classification, Mexico’s states are grouped into four regions. North: Tamaulipas, Nuevo
Leo6n, Chihuahua, Coahuila, Sonora, and Baja California. South: Guerrero, Oaxaca, Chiapas,
Quintana Roo, Yucatan, Campeche, Tabasco, and Veracruz. Central: Morelos, Puebla, Tlaxcala,
Hidalgo, Guanajuato, Querétaro, State of Mexico and Mexico City. North-Central: Michoacan,
Colima, Jalisco, Baja California Sur, Nayarit, Aguascalientes, Zacatecas, San Luis Potosi,
Sinaloa, and Durango.*

Tables A2.1 and A2.2 in Appendix A2 show the results for high school probabilities.
The region's omitted variable is the Center region. For enrollment probability we can observe
that patterns of both parents’ schooling years and possession of certificate did not change, they
keep their positive impact and statistical significance. It also occurs something similar with SES
values since they still behave in the same pattern benefiting higher SES levels. Thus, in
comparison with original estimations, these coefficients are almost the same ones, which
denotes that previous conclusions remain.

Last, regions’ coefficients provide a new perspective to this research. We observe that
every region has a negative impact and with high statistical significance. This makes sense
because, as was mentioned, the Center region is the omitted variable, and it is taken as the
baseline. So, for the North and North Center region it is captured a negative effect for those
children living in the Center. But something interesting happens to the South region where three
out of four coefficients are positive. Nevertheless, marginal effects are low and not even with
significance. The same pattern can be found in high school completion probability results.
Overall, regional fixed effects captured Mexico's centralization of education and life
opportunities. This is denoted with larger coefficients in 2017 estimations, which represents the
disadvantages of not living in the Center region.

On the other hand, Tables A2.3 and A2.4 have the estimations for both HEI probabilities.
As it i1s shown, adding regional fixed effects does not change in great magnitudes our original

estimation for enrollment and completion. However, for completion analysis, the mother’s

4 Using this classification has its benefits as it increases the number of observations available per region,
which is essential for accurately estimating regressions since the EMOVI is nationally representative.
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schooling years coefficient in 2011 is lower in 0.2 p.p. SES estimations keep being similar to
previous ones, but also for completion probability, there is a lower impact of socioeconomic
status to enrollment probability. Last, SES level 2 shows a larger marginal effect on completion
HEI concerning level 1, which says that with this new control variable is more significant to
move from the first SES level to the next one to improve your probability to complete high
education studies.

Finally, regional coefficients for HEI analysis reveal some interesting information.
Again, most of the estimations denote a negative marginal effect on probabilities, but now just
the North region keeps it for both 2011 to 2017. Although in enrollment analysis its coefficient
increases by 1 p.p. from one panel to another, for completion it is reduced by almost 4 p.p. While
for North-Center and South regions, there is a sign change from negative to positive from 2011
to 2017 on completion probability. This change is important due to that North-Center region has
a weak negative marginal effect on enrollment, though this denotes that living in those regions
is benefiting to complete children’s high education.

In conclusion, results obtained by this extension of the original analysis provide a large
visualization of this research’s purpose. Due to the addition of the regional variable, it was
possible to observe if there is a different impact on our main variables’ estimations, nonetheless
with no significative changes. However, this brought a new perspective to this research that
includes the analysis of geography on schooling probabilities. The regions’ coefficients denoted
that there exists a centralization in Mexico and high school education is becoming greater
because of large negative marginal effects estimated. This is related to other research carried
out to study Mexico’s regionalization such as Campos-Vazquez et al. (2020), Delajara & Grafia

(2017), and Torche (2020).

6.2 Heterogeneous effects

The objective of this last part of the analysis extension is to divide the 2011 and 2017 samples
by quintiles into two other sub-samples, one for the lower and the other one for the highest SES.
For these classifications, the first and second SES levels constituted the sub-sample 1 and the
levels three, four, five, and six (for 2011) are the sub-sample 2. Thus, the same original
estimations were carried out but now for both groups. The purpose of this is to understand the

different dynamics that can be presented in different social strata and see if this research results
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persist even with this division. For the lower SES estimations, the baseline level is SES level 1
while for the higher is SES level 3.

Tables A3.1 and A3.2 in Appendix A3 show the marginal effects on high school
enrollment and completion probabilities, respectively, for lower SES levels while Tables A3.3
and A3.4 for the higher ones. Results denote that parents’ schooling years and certificate
possession impacts remain positive and significant from 2011 to 2017. But if we focus on the
changes from one year to another and throughout low and high SES, we found that for lower
socioeconomic levels mother’s high school certificate effect is 7 p.p. higher in 2017 while in
higher levels it is reduced almost by its totality (10 p.p.) and fathers’ variable has that increase
by 7 p.p. from 2011 to 2017. In addition, the SES level 2 coefficient increased by 3 p.p. (2011
to 2017) while higher levels denote a small increase among them. This means that for lower
SES going from one level to the other one represents a significant impact on enrollment
probabilities while for higher levels (taking as reference the third level) just the highest level
has a larger impact on this probability, but estimations are lower than the originals.

For high school completion analysis, something similar happens but coefficients for both
independent variables are lower than enrollment estimations for lower and higher SES levels.
Now, the father’s schooling years has a larger impact on both sub-samples but both parents’
certificate possession increased from 2011 to 2017. This indicates a higher effect in recent years
of this factor that, as it was discussed before, represents a transmission of non-cognitive skills
and motivates children to finish their studies. Overall, what can be concluded from this first
comparison is that in lower SES the change from one level to another is more significant, and
recent years bring higher coefficients for the mother’s variables. On the other hand, higher SES
have small estimations differences among them, but these coefficients favor the impact of the
father’s schooling variables rather than the mother’s.

Tables A3.5 and A3.6 have the results of the estimations for enrollment and completion
probabilities for lower SES while Tables A3.7 and A3.8 for the higher ones. For this last part
the positive marginal effect for both independent variables change because for enrollment and
completion HEI probabilities in lower SES, the mother’s certificate denotes a negative effect
for both years. Now these coefficients show a greater dependency on the father’s schooling
background and a significant impact from SES level 2 just as the high school analysis. For the

higher SES results even though the mother’s variables have positive marginal effects, the
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father’s impact is larger. Last, the estimation for SES level 4 increased from 2011 to 2017 which
indicates that in recent years, moving from medium SES to the next one represents a significant
increase in going to some HEI. These stronger coefficients denote that in lower and higher
socioeconomic strata there exists low relative social mobility due to the great impact of changing
from one level to the other one. But apparently, this just happens in the immediate next ones
because once you achieved a certain SES level the coefficient does not change so much among
them.

Finally, analyzing completion probabilities can be found that for lower SES the marginal
effect of level 2 increased by almost 10 p.p. from 2011 to 2017, and for higher SES the level 4
impact went up by almost 17 p.p. After all, this last comparison denotes that HEI there is a
stronger dependency on father’s schooling background rather than on mother’s. In addition, it
was revealed that for both enrollment and completion probabilities exist a large marginal effect
among lower and middle socioeconomic levels when someone moves to the next one. This does
not persist in higher levels like 5 or 6.

In conclusion, these last estimations aimed to provide a broader perspective on the
probabilities studied in this research. The findings are crucial because even though the pattern
of our independent variables was nearly consistent between lower and higher SES levels, some
changes in SES coefficients were observed, shedding light on the nuanced dynamics of the

relationship between SES and high school and HEI enrollment and completion probabilities.
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Chapter 7

Conclusion

In this work, I examine the importance of parents’ schooling background on their children’s
high school and higher education enrollment and completion probabilities using data from two
national representative surveys oriented to study social mobility in Mexico. The analysis carried
out used samples for 2011 and 2017 ESRU-EMOVI data and the findings were that parents'
schooling years and possession of a certificate had a positive and significant impact on both
child’s outcomes, with father's schooling variables showing a stronger impact in recent years.
Notably, the marginal effect in 2017 by father’s schooling years is 2 percent for enrollment and
1.6 for completion from high school; on the other hand, the impact for higher education was 1.4
for enrollment and 0.7 percent for completion probability. Moreover, SES also played a crucial
role, with higher SES levels showing higher impact on probabilities of enrollment and
completion (almost 40 percent for 2011 and 35 percent for 2017 case). However, the impact of
SES decreased for HEI completion in 2017 compared to 2011.

Although several research has used rank-rank regressions or Mincer earnings equations
to study education’s impact from generation to generation (Delajara et al., 2020; Patrinos &
Psacharopoulos, 2020), this work proposed to employ Logit regressions to capture the impact
of parent’s schooling variables on probabilities. The choice of using this approach is justified
due to the dichotomous nature of the response variables. Additionally, this model is particularly
appropriate for this data, aligning perfectly with the nature of this study.

While there are signs of absolute social mobility in high school and HEI, the influence
of SES on high school enrollment probabilities has shifted, with higher SES levels showing a
significant increase in 2011, but a lower impact in 2017. Despite that, this could indicate a
slightly improved relative social mobility, the persistence of socioeconomic factors underscores
the current challenges in achieving equitable educational opportunities, particularly for those
from lower socioeconomic backgrounds. This brings evidence about the low relative social
mobility in education for the Mexican context and highlights that not everyone graduates,
especially those from lower parental schooling backgrounds. However, it is important to
highlight that those who have arrived at higher education are already self-selected, this is

because most of the more disadvantaged have already dropped out. Thus, even when comparing

34



both schooling levels, higher education denotes SES’s lower marginal effect than high school
enrollment, this cannot be interpreted as more opportunities for relative social mobility for HEI.
But even for those self-selected, socioeconomic status is weaker for higher education.

This research also sheds light on sensitivity analysis and the heterogeneous effects that
this approach can provide. The robustness check, which includes regional fixed effects, confirms
the consistency of the original estimations. The addition of regional controls provides new
insights, revealing the centralization of education and opportunities in Mexico. The negative
marginal effects observed in most regions highlight the disadvantages of not living in the Center
region. However, the South region shows positive coefficients, although with low significance.
Notably, higher education completion probability showed that North-Center and South regions
improve with a sign change from negative to positive impacts on completion. Overall, this
extension enriches the research by exploring the geographical influence on schooling
probabilities, supporting the findings of regionalization studies in Mexico.

The analysis of heterogeneous effects carried out by dividing the samples into lower and
higher socioeconomic strata revealed that in lower SES levels, there was a significant increase
in the impact of a mother's high school certificate in 2017. For high school completion, the
father's schooling years had a larger impact in both sub-samples, indicating a stronger influence
from the father's educational background. Moreover, the estimations highlighted that changing
from one SES level to another had a more significant effect on enrollment probabilities in the
lower strata, while the impact was smaller for higher SES levels. This suggests higher relative
social mobility in higher SES groups, as the coefficients showed less variation among them
which indicates fewer barriers attached to their SES level. These findings provide a
comprehensive understanding of the complexities in the relationship between socioeconomic
status and educational probabilities and the notable differences between the two groups.

An important limitation of this study is that it relies on cross-sectional data from two-
time points (2011 and 2017) to measure the effect of parents’ educational background on their
child’s educational outcomes. Cross-sectional data can reveal useful patterns, but it may not
account for the full dynamics of social mobility over time. Longitudinal panel data, which
follows individuals or families over a long period, would provide a more comprehensive
understanding of intergenerational mobility and how educational outcomes change over

generations. Still, this work assesses an approximation of social mobility in education by
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analyzing the parents' variables' marginal effects on children’s enrollment and completion
probabilities. However, this approach has inherent assumptions, and the results’ interpretation
has to be taken with caution.

Additionally, while the explanatory variables proposed here are undoubtedly crucial in
shaping opportunities for social mobility in education, there are likely other important factors
that also influence educational attainment and mobility, such as the quality of schools, access to
educational resources, and socio-cultural factors. Nevertheless, because of data limitations and
constraints, this research was unable to include a more extensive set of variables. Despite this,
the robustness check section aimed to provide an analysis extension by adding one control
variable to the empirical strategy.

In conclusion, this work contributes to the existing literature on social mobility in
education, providing a more recent analysis within the Mexican context. The importance of
researching this topic becomes evident as it emphasizes the need for policies and interventions
addressing the impact of parental schooling background on children's educational outcomes.
The variation in marginal effects across different socioeconomic levels in Mexico highlights the
existence of a segment of society that faces fewer economic and cultural barriers to accessing
quality education. These findings wunderscore the urgency of developing policy
recommendations and prioritizing reforms in public administration to ensure equitable
educational opportunities. Future research in this field holds promise in two key areas: first,
exploring the intricate interactions between educational policies, school quality, and access to
resources to understand and address disparities; second, investigating socio-cultural factors

influencing educational choices to design tailored interventions aimed at closing educational

gaps.

36



References

Banco de México (2016), Reporte sobre las Economias Regionales, several issues, Mexico City.

Behrman, J. R., Gaviria, A., & Székely, M. (2001). Intergenerational Mobility in Latin America.
SSRN Electronic Journal. https://doi.org/10.2139/ssrn.1817249

Behrman, J. R., & Grajales, V. V. (2015). Intergenerational Mobility Patterns for Schooling,
Occupation and Household Wealth: The Case of Mexico. Centro de Estudios Espinosa
Yglesias.

Black, S. E., Devereux, P. J., & Salvanes, K. G. (2005). Why the Apple Doesn’t Fall Far:
Understanding Intergenerational Transmission of Human Capital. American Economic
Review, 95(1), 437-449. https://doi.org/10.1257/0002828053828635

Blanden, J. (2020). Education and inequality. En The Economics of Education (pp. 119—-131).
Elsevier. https://doi.org/10.1016/B978-0-12-815391-8.00010-0

Bueno, D. (2019). Genetics and Learning: How the Genes Influence Educational Attainment.
Frontiers in Psychology, 10, 1622. https://doi.org/10.3389/fpsyg.2019.01622

Cabrera, F. J. (2016). La influencia del capital socioeconémico y cultural en el acceso a las
instituciones de educacion superior en Chile. Estudios Sociologicos de El Colegio de
Meéxico, 34(100), 107—143. https://doi.org/10.24201/es.2016v34n100.1395

Cameron, S., & Heckman, J. (1991). The Nonequivalence of High School Equivalents (w3804;
p. w3804). National Bureau of Economic Research. https://doi.org/10.3386/w3804

Campos-Vazquez, R. M., Delgado Barrera, V. H., & Vélez-Grajales, R. (2020).
Intergenerational Economic Mobility in Mexico. Centro de Estudios Espinosa Yglesias.

Campos-Vazquez, R. M., Huerta Wong, J. E., & V¢lez Grajales, R. (Eds.). (2012). Movilidad
social en México: Constantes de la desigualdad (1. ed). Centro de Estudios Espinosa
Yglesias.

Carneiro, P., & Heckman, J. J. (2003). IZA Discussion Paper No. 821.

Chetty, R., Deming, D., & Friedman, J. (2023). Diversifying Society’s Leaders? The Causal
Effects of Admission to Highly Selective Private Colleges (w31492; p. w31492).
National Bureau of Economic Research. https://doi.org/10.3386/w31492

Chetty, R., Hendren, N., Kline, P., & Saez, E. (2014). Where is the land of Opportunity? The
Geography of Intergenerational Mobility in the United States *. The Quarterly Journal
of Economics, 129(4), 1553—1623. https://doi.org/10.1093/qje/qju022

37



Corak, M. (2013). Income Inequality, Equality of Opportunity, and Intergenerational Mobility.
Journal of Economic Perspectives, 27(3), 79—-102. https://doi.org/10.1257/jep.27.3.79

Corak, M. (2016). Inequality from Generation to Generation: The United States in Comparison.
SSRN Electronic Journal. https://doi.org/10.2139/ssrn.2786013

Cunha, F., & Heckman, J. (2007). The Technology of Skill Formation. American Economic
Review, 97(2), 31-47. https://doi.org/10.1257/aer.97.2.31

Delajara, M., Campos-Vazquez, R. M., & Vélez-Grajales, R. (2020). Social Mobility in Mexico.
What Can We Learn from Its Regional Variation? Centro de Estudios Espinosa Yglesias.

Delajara, M., & Grafa, D. (2017). Intergenerational Social Mobility in Mexico and its Regions.
Centro de Estudios Espinosa Yglesias.

Doruk, O. T., Pastore, F., & Yavuz, H. B. (2022). Intergenerational mobility: An assessment for
Latin American countries. Structural Change and Economic Dynamics, 60, 141-157.
https://doi.org/10.1016/j.strueco.2021.11.005

Erikson, R. & J. H. Goldthorpe (1992). The Constant Flux: A Study of Class Mobility in
Industrial Societies. Oxford: Oxford University Press.

Erikson, R. & J. H. Goldthorpe (2008). “Trends in Class Mobility. The Post-War European
Experience”. En D. Grusky (ed.) Social Stratification. Class, Race, and Gender in
Sociological Perspective, Westview Press 3a ed., pp. 437-465.

Esping-Andersen, G., & Cimentada, J. (2018). Ability and mobility: The relative influence of
skills and social origin on social mobility. Social Science Research, 75, 13-31.
https://doi.org/10.1016/j.ssresearch.2018.06.003

ESRU — EMOVI. (2022, 8 diciembre). Centro de Estudios Espinosa Yglesias.
https://ceey.org.mx/contenido/que-hacemos/emovi/

Gu, X., Hua, S., McKenzie, T., & Zheng, Y. (2022). Like father, like son? Parental input, access
to higher education, and social mobility in China. China Economic Review, 72, 101761.
https://doi.org/10.1016/j.chieco.2022.101761

Hanushek, E. A., & Woessmann, L. (2020). Education, knowledge capital, and economic
growth. En The Economics of Education (pp. 171-182). Elsevier.
https://doi.org/10.1016/B978-0-12-815391-8.00014-8

Huang, J., Guo, B., Kim, Y., & Sherraden, M. (2009). Parental Income, Assets, and Borrowing
Constraints and Children’s Post-secondary Education. CSD Working Papers, No. 09-67.

38



INEGI. (s.f.). Escolaridad. Cuéntame de México. Recuperado 6 de agosto de 2023, de
https://www.cuentame.inegi.org.mx/poblacion/escolaridad.aspx#:~:text=Aunque%?20la
%?20diferencia%?20del%20grado,en%2010s%20hombres%20de%209.8

Kane, T. J. (2001). College-Going and Inequality: A Literature Review. Russell Sage
Foundation.

Lucas, S. R. (2001). Effectively Maintained Inequality: Education Transitions, Track Mobility,
and Social Background Effects. American Journal of Sociology, 106(6), 1642—1690.
https://doi.org/10.1086/321300

Miranda Lépez, F. (2018). Abandono escolar en educacion media superior: Conocimiento y
aportaciones de politica publica. Sinéctica, Revista Electronica de Educacion, 51.
https://doi.org/10.31391/S2007-7033(2018)0051-010

Monroy-Gémez-Franco, L., & Corak, M. (2020). A Land of Unequal Chances: Social Mobility
Across Mexican Regions. Centro de Estudios Espinosa Yglesias.

Paterson, L., & Iannelli, C. (2008). Patterns of Absolute and Relative Social Mobility: A
Comparative Study of England, Wales and Scotland. Sociological Research Online,
12(6), 58-78. https://doi.org/10.5153/sr0.1637

Patrinos, H. A., & Psacharopoulos, G. (2020). Returns to education in developing countries. En
The Economics of Education (pp. 53—64). Elsevier. https://doi.org/10.1016/B978-0-12-
815391-8.00004-5

Psacharopoulos, G. (1972). Rates of Return to Investment in Education around the World.
Comparative Education Review, 16(1), 54—67. JSTOR.

Raftery, A. E., & Hout, M. (1993). Maximally Maintained Inequality: Expansion, Reform, and
Opportunity in Irish Education, 1921-75. Sociology of Education, 66(1), 41.
https://doi.org/10.2307/2112784

Ruiz, M. J. E. (2014). AFILIACION JUVENIL Y DESAFILIACION INSTITUCIONAL.
Revista Mexicana de Investigacion Educativa, 19(61), 431-453.

Serrano Espinosa, J., Casanova, R., & Fundacién Espinosa Rugarcia (Eds.). (2008). ;Nos
movemos? La movilidad social en México (1. ed). Fundaciéon ESRU.

Serrano Espinosa, J., & Torche, F. (Eds.). (2010). MOVILIDAD SOCIAL EN MEXICO
Poblacion, desarrollo y crecimiento (1a ed.). Centro de Estudios Espinosa Y glesias.

Shambaugh, J., & Nunn, R. (2018). Place-Based Policies for Shared Economic Growth. The

39



Hamilton Project.

Solis, P. (2011). Desigualdad y movilidad social en la ciudad de México. Estudios Socioldgicos,
29(85), 283-298. JSTOR.

Solis, P. (2018). Barreras estructurales a la movilidad social intergeneracional en México: Un
enfoque multidimensional. Organizacion de las naciones Unidas.

Torche, F. (2005). Unequal But Fluid: Social Mobility in Chile in Comparative Perspective.
American Sociological Review, 70(3), 422-450.
https://doi.org/10.1177/000312240507000304

Torche, F. (2011). Is a College Degree Still the Great Equalizer? Intergenerational Mobility
across Levels of Schooling in the United States. American Journal of Sociology, 117(3),
763-807. https://doi.org/10.1086/661904

Torche, F. (2019). Mobility and Gender in Mexico: A Regional Perspective. Centro de Estudios
Espinosa Yglesias.

Torche, F. (2020). Changes in Intergenerational Mobility in Mexico: A Cohort Analysis. Centro
de Estudios Espinosa Yglesias.

Torche, F., & Costa Ribeiro, C. (2010). Pathways of change in social mobility: Industrialization,
education and growing fluidity in Brazil. Research in Social Stratification and Mobility,
28(3), 291-307. https://doi.org/10.1016/j.rssm.2010.03.005

V¢élez Grajales, R., Campos Vazquez, R., & Fonseca, C. E. (2015). El concepto de movilidad
social: Dimensiones, medidas y estudios en Meéxico. Centro de Estudios Espinosa
Yglesias. https://ceey.org.mx/el-concepto-de-movilidad-social-dimensiones-medidas-
y-estudios-en-mexico/

V¢élez Grajales, R., Huerta Wong, J. E., & Campos Vazquez, R. M. (Eds.). (2015). México, jel

motor inmovil? (Primera edicion). Centro de Estudios Espinosa Yglesias.

40



Appendices

Al. Descriptive Statistics

Figure A1.1 Child’s total schooling years compared to mother’s, 2011
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Figure A1.2 Child’s total schooling years compared to mother’s, 2017
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Figure A1.3 Father’s total schooling years compared to mother’s, 2011
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Figure A1.4 Father’s total schooling years compared to mother’s, 2017

£
H
8
0.15
0.10
Density
Father
Mother
0.05
0.00
Kindergarden Elementary Secondary High School University

Father and mother's schooling

Source: Own elaboration.

42



A2. Robustness check

Table A2.1: Logit model: marginal and impact effects on enrollment to high school
using fixed effects by region

Dependent variable: Probability of high school enrollment

2011 2017
1) (2) (3) (4)

Father’s schooling 0.011*** 0.019***

(0.002) (0.001)
Mother’s schooling 0.016*** 0.009***

(0.002) (0.001)
Father’s HS certificate 0.096*** 0.167*"*

(0.019) (0.019)
Mother’s HS certificate 0.096"** 0.036
(0.023) (0.023)

SES level 2 0.062 0.376*"* 0.083*** 0.119***

(0.039) (0.026) (0.016) (0.015)
SES level 3 0.200*** 0.214*** 0.143*** 0.187***

(0.038) (0.025) (0.015) (0.015)
SES level 4 0.288*** 0.382*** 0.229*** 0.299***

(0.039) (0.024) (0.014) (0.014)
SES level 5 0.340"** 0.428"** 0.244*** 0.332***

(0.039) (0.025) (0.016) (0.015)
AMALI level 6 0.336"*" 0.469***

(0.053) (0.030)
Household size —0.007*" —0.006"** —0.018*** —0.019***

(0.003) (0.002) (0.003) (0.003)
Child’s sex 0.028** 0.023** 0.033*** 0.038***

(0.014) (0.011) (0.010) (0.010)
North-Center Region —0.068"** —0.076"** —0.042*** —0.072"**

(0.018) (0.014) (0.013) (0.014)
North Region —0.035" —0.019 —0.323""" —0.086"""

(0.021) (0.016) (0.015) (0.017)
South Region —0.008 0.018 0.011 0.009

(0.019) (0.014) (0.014) (0.015)
Observations 5,430 8,430 10,843 9,737
Adjusted R2 0.081 0.083 0.082 0.080
Log Likelihood —3,398.653 —5,145.129 —6,834.886 —6,206.134
Akaike Inf. Crit. 6,823.306 10,316.260 13,693.770 12,436.270

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates
represent a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2
correspond to 2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category
is the first level, and the region’s mitted variable is the Center region. Standard errors are in
parentheses.
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Table A2.2: Logit model: marginal and impact effects on high school completion
using fixed effects by region

Dependent variable: Probability of high school completion

2011 2017
(1) (2) (3) (4)

Father’s schooling 0.004" 0.016***

(0.002) (0.001)
Mother’s schooling 0.008*** 0.003**

(0.002) (0.001)
Father’s HS certificate 0.041™" 0.153*""

(0.017) (0.019)
Mother’s HS certificate 0.042** 0.021
(0.020) (0.021)

SES level 2 0.030 0.041 0.064"** 0.096***

(0.041) (0.027) (0.018) (0.017)
SES level 3 0.169"** 0.171*** 0.143*** 0.176***

(0.041) (0.027) (0.017) (0.017)
SES level 4 0.239*** 0.309*"* 0.245*"* 0.305***

(0.046) (0.031) (0.017) (0.017)
SES level 5 0.319"** 0.368""* 0.274*"* 0.348""*

(0.051) (0.035) (0.019) (0.019)
AMALI level 6 0.313*** 0.440%**

(0.066) (0.041)
Household size —0.007** —0.008"** —0.027*** —0.027***

(0.003) (0.002) (0.003) (0.003)
Child’s sex 0.013 0.013 0.047*"* 0.045***

(0.013) (0.010) (0.009) (0.010)
North-Center Region 0.140"** 0.076*** —0.030*" —0.057***

(0.022) (0.018) (0.012) (0.013)
North Region —0.005 —0.045"" —0.077""* —0.084"""

(0.024) (0.019) (0.014) (0.015)
South Region —0.018 —0.061*** 0.003 0.005

(0.031) (0.022) (0.014) (0.014)
Observations 4,877 7,435 10,823 9,721
Adjusted R? 0.074 0.077 0.074 0.082
Log Likelihood —2,845.164 —4,207.452 —6,808.012 —5,943.412
Akaike Inf. Crit. 5,716.328 8,440.905 13,640.020 11,910.830

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates
represent a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2
correspond to 2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category
is the first level, and the region’s mitted variable is the Center region. Standard errors are in
parentheses.
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Table A2.3: Logit model: marginal and impact effects on enrollment to higher education

using fixed effects by region

Dependent variable: Probability of higher education enrollment

2011 2017
(1) (2) (3) (4)

Father’s schooling 0.005*** 0.014***

(0.001) (0.001)
Mother’s schooling 0.005"** 0.004""*

(0.001) (0.001)
Father’s HEI certificate 0.041*** 0.156***

(0.018) (0.017)
Mother’s HEI certificate 0.058*** 0.003
(0.026) (0.017)

SES level 2 0.064 0.044* 0.068*** 0.091***

(0.042) (0.023) (0.019) (0.018)
SES level 3 0.155*** 0.141*** 0.131*** 0.174***

(0.045) (0.025) (0.020) (0.019)
SES level 4 0.230""* 0.287*** 0.251"** 0.331"**

(0.062) (0.040) (0.022) (0.020)
SES level 5 0.366*** 0.434*** 0.279*** 0.394***

(0.079) (0.050) (0.024) (0.022)
AMALI level 6 0.354*** 0.489***

(0.093) (0.062)
Household size —0.005%* —0.005%** —0.018"** —0.017***

(0.002) (0.001) (0.002) (0.002)
Child’s sex 0.022** 0.019*** 0.033*** 0.032***

(0.008) (0.006) (0.007) (0.007)
North-Center Region —0.046""* —0.048%** —-0.011 —0.004

(0.010) (0.007) (0.009) (0.009)
North Region —0.024"" —0.027%** —0.028%** —0.029***

(0.011) (0.008) (0.010) (0.009)
South Region —0.002 0.006 0.031"** 0.022""

(0.011) (0.008) (0.011) (0.010)
Observations 5,430 8,514 10,843 11,551
Adjusted R? 0.090 0.087 0.114 0.109
Log Likelihood —2,118.567 —3,097.851 —5,044.822 —5,208.404
Akaike Inf. Crit. 4,263.134 6,221.702 10,113.640 10,440.810

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent
a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2 correspond to
2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category is the first level,
and the region’s mitted variable is the Center region. Standard errors are in parentheses.
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Table A2.4: Logit model: marginal and impact effects on higher education completion

using fixed effects by region

Dependent variable: Probability of higher education completion

2011
(1) (2) (3) (4)

Father’s schooling 0.002*** 0.007***

(0.000) (0.000)
Mother’s schooling 0.001 0.000

(0.000) (0.000)
Father’s HEI certificate 0.029*** 0.083***

(0.011) (0.012)
Mother’s HEI certificate 0.025* 0.015
(0.013) (0.012)

SES level 2 0.025 0.036* 0.049*** 0.054***

(0.033) (0.021) (0.016) (0.014)
SES level 3 0.084** 0.096*** 0.080*** 0.093***

(0.042) (0.027) (0.017) (0.016)
SES level 4 0.194** 0.258""* 0.166"""* 0.203"*"

(0.083) (0.064) (0.021) (0.020)
SES level 5 0.302** 0.381*** 0.197*** 0.247%**

(0.124) (0.088) (0.025) (0.024)
AMALI level 6 0.263** 0.363***

(0.134) (0.102)
Household size —0.005"** —0.004*** —0.014*** —0.012***

(0.001) (0.001) (0.001) (0.001)
Child’s sex 0.004 0.004 0.009* 0.007

(0.004) (0.003) (0.005) (0.004)
North-Center Region —0.021*** —0.023*** 0.013* 0.006

(0.005) (0.004) (0.007) (0.006)
North Region —0.022*** —0.020%** —0.016™* —0.018***

(0.005) (0.004) (0.007) (0.006)
South Region —0.006 0.003 0.029"** 0.025"**

(0.006) (0.004) (0.008) (0.008)
Observations 5,430 8,514 10,843 11,551
Adjusted R? 0.110 0.114 0.091 0.093
Log Likelihood —1,212.939 —1,749.971 —3,598.637 —3,659.969
Akaike Inf. Crit. 2,451.878 3,525.941 7,221.275 7,343.937

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent
a percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 and 2 correspond to
2011 and columns 3 and 4 are from 2017. The socioeconomics level’s omitted category is the first level,

and the region’s mitted variable is the Center region. Standard errors are in parentheses.
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A3. Heterogeneous effects

Table A3.1: Logit model: marginal and impact effects on enrollment to high school for lower

socioeconomic levels

Dependent variable: Probability of high school enrollment for lower socioeconomic levels

2011 2017
) (2 (3) 4 (5) (6) (7) (8)
Father’s schooling 0.013*** 0.013*** 0.021*** 0.020***
(0.004) (0.001) (0.002) (0.011)
Mother’s schooling 0.019*** 0.019*** 0.014*** 0.013***
(0.004) (0.001) (0.002) (0.012)
Father’s HS certificate 0.164*** 0.176*** 0.153*** 0.140***
(0.057) (0.019) (0.051) (0.052)
Mother’s HS certificate 0.148** 0.152** 0.230*** 0.218***
(0.073) (0.023) (0.058) (0.058)
SES level 2 0.033 0.061*** 0.065"** 0.090***
(0.039) (0.025) (0.015) (0.014)
Household size —0.008* —0.009™** —0.014*** —0.015"**
(0.003) (0.002) (0.015) (0.004)
Child’s sex 0.006 0.003 0.028* 0.030**
(0.014) (0.011) (0.061) (0.015)
Observations 1,822 3,285 1,821 3,284 3,981 4,229 3,981 4,229
Adjusted R? 0.024 0.005 0.026 0.010 0.029 0.007 0.034 0.017
Log Likelihood —1,031.165 —1,819.828 —1,028.550 —1,809.701 —2,611.715 —2,777.788 —2,596.746 —2,750.782
Akaike Inf. Crit. 2,068.331 3,645.657 2,069.099 3,631.403 5,229.430 5,561.575 5,205.492 5,513.563

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors

are in parentheses.

Table A3.2: Logit model: marginal and impact effects on high school completion for lower

socioeconomic levels

Dependent variable: Probability of high school completion for lower socioeconomic levels

2011 2017
(€] (2 (3) 4 (5) (6) )] (8
Father’s schooling 0.010*** 0.010*** 0.014*** 0.014***
(0.003) (0.002) (0.002) (0.002)
Mother’s schooling 0.009** 0.008"* 0.008*** 0.007**
(0.003) (0.002) (0.002) (0.002)
Father’s HS certificate 0.121** 0.130** 0.154*** 0.144***
(0.053) (0.016) (0.049) (0.049)
Mother’s HS certificate 0.060 0.065 0.116** 0.105*
(0.061) (0.019) (0.055) (0.054)
SES level 2 0.032 0.040™*** 0.039*** 0.060***
(0.040) (0.025) (0.014) (0.013)
Household size —0.006 —0.007*** —0.017*** —0.015***
(0.003) (0.002) (0.004) (0.003)
Child’s sex 0.002 —0.002 0.035** 0.032**
(0.012) (0.010) (0.014) (0.013)
Observations 1,822 3,285 1,821 3,284 3,081 4,229 3,081 4,229
Adjusted R? 0.013 0.003 0.015 0.007 0.018 0.005 0.024 0.014
Log Likelihood —866.709 —1,515.635 —864.652 —1,508.628 —2,305.550 —2,384.238 —2,290.486 —2,362.941
Akaike Inf. Crit. 1,739.419 3,037.271 1,741.303 3,029.256 4,617.099 4,774.477 4,592.973 4,737.882

*p<0.1; **p<0.05; ***p<0.01
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors

are in parentheses.
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Table A3.3: Logit model: marginal and impact effects on enrollment to high school for higher
socioeconomic levels

Dependent variable: Probability of high school enrollment for higher socioeconomic levels

2011 2017
1) (2) (3) (4) (5) (6) (7) (®)
Father’s schooling 0.018*** 0.011*** 0.021*** 0.018***
(0.002) (0.003) (0.001) (0.001)
Mother’s schooling 0.017*** 0.014*** 0.008*** 0.005***
(0.003) (0.003) (0.001) (0.002)
Father’s HS certificate 0.158*** 0.090™** 0.200™** 0.162***
(0.018) (0.020) (0.017) (0.018)
Mother’s HS certificate 0.178*** 0.100*** 0.047** 0.003
(0.021) (0.024) (0.022) (0.024)
SES level 4 0.097*** 0.175*** 0.090*** 0.122***
(0.020) (0.016) (0.013) (0.014)
SES li ' 0.166™** 0.241*** 0.110*** 0.166™**
Table A3.4 (0.029) (0.023) (0.015) (0.016)
AMALI level 6 0.172*** 0.297***
(0.051) (0.036)
Household size —0.005 —0.003 —0.019*** —0.021***
(0.004) (0.003) (0.003) (0.004)
Child’s sex 0.036™* 0.033** 0.032*** 0.039***
(0.017) (0.014) (0.011) (0.013)
Observations 3,610 5,147 3,609 5,146 6,862 5,508 6,862 5,508
Adjusted R? 0.041 0.034 0.050 0.058 0.029 0.031 0.051 0.051
Log Likelihood —2,397.362 —3,438.666 —2,374.076 —3,350.145 —4,304.296 —3,550.326 —4,255.721 —3,477.647
Akaike Inf. Crit. 4,800.724 6,883.332 4,764.151 6,716.290 8,614.593 7,106.652 8,525.443 6,969.294

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors
are in parentheses.
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Table A3.4: Logit model: marginal and impact effects on high school completion for higher
socioeconomic levels

Table 11: Logit model: marginal and impact effects on high school completion for higher socioeconomic levels

Dependent variable: Probability of high school completion for higher socioeconomic levels

2011 2017
(€9) (2) (3) (4) (5) (6) (7) (8)
Father’s schooling 0.012*** 0.005* 0.021*** 0.018***
(0.002) (0.002) (0.001) (0.001)
Mother’s schooling 0.012*** 0.008*** 0.005** 0.005***
(0.002) (0.003) (0.002) (0.001)
Father’s HS certificate 0.097*** 0.038™* 0.200™** 0.162***
(0.018) (0.015) (0.019) (0.018)
Mother’s HS certificate 0.142*** 0.070** 0.058*** 0.003
(0.021) (0.017) (0.022) (0.024)
SES level 4 0.083*** 0.142*** 0.090*** 0.122***
(0.020) (0.014) (0.017) (0.014)
SES level 5 0.171*** 0.212*** 0.110*** 0.166***
(0.030) (0.024) (0.018) (0.016)
AMAI level 6 0.186*** 0.293***
(0.052) (0.041)
Household size —0.009™* —0.008"* —0.019*** —0.021***
(0.004) (0.002) (0.003) (0.004)
Child’s sex 0.034** 0.031** 0.039*** 0.045***
(0.016) (0.010) (0.009) (0.013)
Observations 3,610 5,147 3,609 5,146 6,862 5,508 6,862 5,508
Adjusted R? 0.022 0.019 0.032 0.039 0.028 0.029 0.045 0.054
Log Likelihood —2,349.508 —3,322.950 —2,325.422 —3,254.621 —4,622.166 —3,701.862 —4,541.089 —3,607.897

Akaike Inf. Crit. 4,705.016 6,651.900 4,666.844 6,525.243 9,250.332 7,409.724 9,096.178 7,229.795

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors
are in parentheses.
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Table A3.5: Logit model: marginal and impact effects on enrollment to higher education for
lower socioeconomic levels

Dependent variable: Probability of higher education enrollment for lower socioeconomic levels

2011 2017
(€] 2 (3) 4 ©) (6) (M (®)
Father’s schooling 0.006*** 0.006™** 0.010*** 0.010***
(0.002) (0.001) (0.001) (0.001)
Mother’s schooling 0.005** 0.005** 0.005*** 0.005***
(0.002) (0.001) (0.001) (0.001)
Father’s HEI certificate 0.063 0.110 0.270*** 0.254***
(0.117) (0.154) (0.042) (0.062)
Mother’s HEI certificate —0.060™** —0.059*** —0.027 —0.031
(0.004) (0.004) (0.043) (0.030)
SES level 2 0.021 0.019* 0.025*** 0.039***
(0.042) (0.010) (0.019) (0.008)
Household size —0.004* —0.004** —0.012*** —0.011***
(0.002) (0.002) (0.002) (0.002)
Child’s sex —0.000 0.002 0.018** 0.018**
(0.008) (0.008) (0.007) (0.008)
Observations 1,822 3,293 1,821 3,292 3,981 4,701 3,981 4,701
Adjusted R? 0.013 0.000 0.015 0.006 0.034 0.012 0.059 0.029
Log Likelihood —436.303 —753.633 —433.513 —748.958 —1,232.555 —1,420.329 —1,216.037 —1,395.313
Akaike Inf. Crit. 878.605 1,513.266 879.025 1,509.917 2,471.110 2,846.659 2,444.074 2,802.627

*p<0.1; **p<0.05; ***p<0.01
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors

are in parentheses.

Table A3.6: Logit model: marginal and impact effects on higher education completion for
lower socioeconomic levels

Dependent variable: Probability of higher education completion for lower socioeconomic levels

2011 2017
1) (2) (3) 4) (5) (6) (7 (®)
Father’s schooling —0.000 —0.000 —0.000 0.005***
(0.001) (0.001) (0.001) (0.000)
Mother’s schooling 0.001 0.001 0.001 0.001
(0.001) (0.001) (0.001) (0.001)
Father’s HEI certificate —0.018 —0.017 0.270*** 0.153***
(0.024) (0.021) (0.063) (0.051)
Mother’s HEI certificate —0.018 —0.016 —0.027 —0.015
(0.020) (0.034) (0.034) (0.020)
SES level 2 0.006 0.009 0.017*** 0.021***
(0.007) (0.022) (0.006) (0.005)
Household size —0.002* —0.002 —0.007*** —0.006™**
(0.001) (0.005) (0.001) (0.001)
Child’s sex 0.001 —0.002 0.005 0.006
(0.005) (0.007) (0.006) (0.005)
Observations 1,821 3,293 1,821 3,292 3,981 4,701 3,981 4,701
Adjusted R? 0.006 0.000 0.018 0.014 0.031 0.012 0.045 0.028
Log Likelihood —161.973 —307.493 —161.973 —303.200 —1790.375 —909.979 —779.604 —895.340
Akaike Inf. Crit. 335.946 620.986 335.946 618.400 1,586.750 1,825.958 1,571.207 1,802.680

*p<0.1; **p<0.05; ***p<0.01
Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the first level. Standard errors

are in parentheses.
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Table A3.7: Logit model: marginal and impact effects on enrollment to higher education for
higher socioeconomic levels

Dependent variable: Probability of higher education enrollment for higher socioeconomic levels

2011 2017
[€9) () (3) 4) (5) (6) () (8)
Father’s schooling 0.012*** 0.007*** 0.022*** 0.018***
(0.002) (0.002) (0.001) (0.001)
Mother’s schooling 0.009*** 0.007*** 0.008*** 0.004***
(0.002) (0.002) (0.001) (0.001)
Father’s HS certificate 0.183*** 0.063** 0.241*** 0.182***
(0.029) (0.025) (0.019) (0.019)
Mother’s HS certificate 0.122*** 0.082** 0.050* 0.012
(0.038) (0.034) (0.027) (0.025)
SES level 4 0.048*** 0.093*** 0.119*** 0.147***
(0.016) (0.014) (0.014) (0.014)
SES level 5 0.148*** 0.206*** 0.145™** 0.200***
(0.028) (0.025) (0.016) (0.016)
AMALI level 6 0.131*** 0.245™**
(0.047) (0.045)
Household size —0.007** —0.007*** —0.021*** —0.022***
(0.003) (0.002) (0.003) (0.003)
Child’s sex 0.036*** 0.031*** 0.043*** 0.043***
(0.012) (0.010) (0.010) (0.010)
Observations 3,610 5,223 3,609 5,222 6,862 6,850 6,862 6,850
Adjusted R? 0.043 0.024 0.056 0.050 0.051 0.033 0.069 0.062
Log Likelihood —1,714.541  —2,436.951  —1,691.297  —2,370.659  —3,905.991  —3,939.992  —3,834.213  —3,819.136
Akaike Inf. Crit. 3,435.081 4,879.902 3,398.593 4,757.317 7,817.981 7,885.984 7,682.426 7,652.271

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors
are in parentheses.
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Table A3.8: Logit model: marginal and impact effects on higher education completion for

higher socioeconomic levels

Dependent variable: Probability of higher education completion for higher socioeconomic levels

2011 2017
(€9) (2) (3) (4) (5) (6) (7 (®)
Father’s schooling 0.008*** 0.005*** 0.013*** 0.010***
(0.002) (0.002) (0.001) (0.001)
Mother’s schooling 0.003** 0.001 0.002** 0.000
(0.002) (0.002) (0.001) (0.001)
Father’s HS certificate 0.139*** 0.060"** 0.156™** 0.110***
(0.025) (0.019) (0.017) (0.016)
Mother’s HS certificate 0.061** 0.045™* 0.052** 0.028
(0.025) (0.022) (0.020) (0.018)
SES level 4 0.059*** 0.070*** 0.079*** 0.093***
(0.016) (0.010) (0.012) (0.012)
SES level 5 0.106™** 0.122*** 0.100*** 0.119***
(0.028) (0.021) (0.014) (0.014)
AMALI level 6 0.068* 0.094***
(0.047) (0.032)
Household size —0.008"** —0.007*** —0.019*** —0.018"**
(0.003) (0.001) (0.003) (0.002)
Child’s sex 0.008 0.010 0.012 0.010
(0.012) (0.007) (0.008) (0.008)
Observations 3,610 5,223 3,609 5,222 6,862 6,850 6,862 6,850
Adjusted R? 0.041 0.034 0.062 0.063 0.036 0.032 0.054 0.057
Log Likelihood —1,084.193 —1,514.556 —1,060.495 —1,468.010 —2,886.747 —2,849.058 —2,830.770 —2,775.725
Akaike Inf. Crit. 2,174.386 3,035.113 2,136.990 2,952.020 5,779.494 5,704.116 5,675.540 5,565.449

*p<0.1; **p<0.05; ***p<0.01

Source: Own estimations with EMOVI data. Marginal effects of parents' schooling certificates represent a
percentage change in enrollment probability (e.g., an increase of 2.2%). Columns 1 to 4 correspond to 2011 and
columns 5 to 8 are from 2017. The regressions controlled by socioeconomic level, household size, and child's
sex are in columns 3, 4, 7, and 8. The socioeconomic level's omitted category is the third level. Standard errors

are in parentheses.
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